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Abstract

The increasing integration of artificial intelligence (Al) in decision-making processes has am-
plified discussions surrounding algorithmic authority—the perceived epistemic legitimacy
of Al systems over human judgment. This study investigates how individuals attribute
epistemic authority to Al, focusing on psychological, contextual, and sociotechnical factors.
Existing research highlights the importance of trust in automation, perceived performance,
and moral frameworks in shaping such attributions. Unlike prior conceptual or philo-
sophical accounts of algorithmic authority, our study adopts a relational and empirically
grounded perspective by operationalizing algority through psychometric measures and
contextual assessments. To address knowledge gaps in the micro-level dynamics of this phe-
nomenon, we conducted an empirical study using psychometric tools and scenario-based
assessments. Here, we report key findings from a survey of 610 participants, revealing
significant correlations between trust in automation (TiA), perceptions of automated per-
formance (PAS), and the propensity to defer to Al, particularly in high-stakes scenarios
like criminal justice and job-matching. Trust in automation emerged as a primary factor,
while moral attitudes moderated deference in ethically sensitive contexts. Our findings
highlight the practical relevance of transparency and explainability for supporting critical
engagement with Al outputs and for informing the design of contextually appropriate
decision support. This study contributes to understanding algorithmic authority as a multi-
dimensional construct, offering empirically grounded insights for designing Al systems
that are trustworthy and context-sensitive.

Keywords: algorithmic authority; human-Al interaction; decision-making; epistemic
authority; algority

1. Introduction

In an episode of the TV show Little Britain USA, a hospital admissions clerk proposes a
joint replacement surgery to a child who has come for a routine procedure; when the mother
protests, the attendant replies with stolid certainty: “the computer says no.” The phrase
has since become a shorthand for situations in which institutional decisions are justified by
reference to computational outputs rather than to accountable human judgment, and it has
reappeared in recent scholarly discussions of automated decision-making (e.g., [1-5]). We
refer to this composite phenomenon as algorithmic authority: the influence of computational
systems within human practices characterized by expert discretion, interpretation, and
decision making.
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A large part of the literature treats algorithmic authority as a sociotechnical construct
whose legitimacy is produced through the interaction of technical artifacts, institutions,
and users. In this paper we adopt an explicitly relational and empirically oriented stance
and focus on epistemic authority, that is, the attribution of epistemic legitimacy to an Al
system’s outputs as convincing assertions about what is true and, consequently, what it
is better to do. We call algority the propensity to confer such authority on algorithms in
contexts where one might otherwise defer to human experts.

The empirical contribution of this study is to capture primary dimensions of algority
through a psychometric and scenario-based survey instrument and to test how individual
predispositions are associated with different, practically relevant expressions of deference
to AL Concretely, we combine (i) items drawn from established scales measuring trust
in automation and beliefs about automation performance, as well as authority-relevant
moral attitudes, with (ii) ad hoc items elicited through ordinary and high-stakes scenarios
(e.g., navigation versus morally and legally sensitive judgments). We then examine asso-
ciative patterns between these measures using correlation analysis and non-parametric
group comparisons. In line with the exploratory design of the study, these analyses are
intended as associative evidence (rather than causal inference) and do not constitute a full
psychometric validation of a novel standalone scale.

To strengthen alignment between the theoretical framing and the subsequent analysis,
we articulate the following research questions, formulated to match the constructs and
statistical tests used in the study:

* ROQI1 (predispositions and algority). How are literature-derived predispositions—
specifically trust in automation and beliefs about automation performance—associated
with respondents” algority-related responses across scenarios (e.g., expectation that Al
makes fewer errors; acceptance of replacement; preference for Al judgment; deference
to Al recommendations)?

*  RQ2 (moral-attitudinal correlates in sensitive contexts). How are authority-relevant
moral attitudes associated with algority-related responses in ethically sensitive sce-
narios (e.g., criminal judgment), and does this association differ from low-stakes or
everyday contexts?

* ROQ3 (scenario dependence). To what extent do the observed associations between
predispositions (trust in automation; beliefs about automation performance; authority-
relevant moral attitudes) and algority-related responses differ between low-stakes
scenarios (e.g., route planning) and high-stakes scenarios (e.g., criminal justice, job
interviewing, creditworthiness)?

The remainder of the paper proceeds as follows: Section 2 situates our approach within
the broader conceptual literature on algorithmic authority and clarifies key definitional
and theoretical boundaries; we then describe the study design and measures in Section 3,
while the analysis strategy and the empirical results are discussed in Section 4. Section 5
summarizes the important findings and their significance, while Section 6 addresses the
study’s limits and suggests potential directions for future research. Section 7 presents a
series of concluding remarks.

2. Related Work: Definitions, Boundaries, and Positions
2.1. From Algorithmic Authority to Algority

The expression algorithmic authority is commonly traced to Shirky’s observation that,
when seeking reputable information sources, people increasingly treat aggregators and
filters as authoritative [6,7]. A core aspect of this shift is that epistemic reliance is conferred
not on an identifiable individual but on a process: an unmanaged computational procedure
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that derives value from heterogeneous sources [6-8]. Lustig and Nardi further articulated
the pragmatic dimension of the construct by emphasizing that algorithmic authority be-
comes salient when it (i) directs human action and (ii) is differentially trusted, i.e., preferred
over human authority in relevant circumstances [9]. Later refinements describe algorithmic
authority as the power of algorithms to manage human action and influence what infor-
mation is accessible to users, stressing that it does not reside solely in code but emerges
from a diversity of sociotechnical actors [10]. In this paper, we adopt algority to name
the individual-level propensity to confer authority on algorithmic outputs, especially in
contexts where expert judgment and discretion are salient. (Hence, we prefer algority to
algocracy [11], unless the latter is used to indicate governance through algorithms rather
than governance by algorithms.)

2.2. Distinguishing Human and Algorithmic Authority

A recurring concern in this literature is whether users can recognize and differ-
entiate between human and algorithmic authority, and what follows when they can-
not—particularly as decision support systems become more prevalent and more tightly
integrated into professional and institutional decisions [12]. This motivates empirical in-
quiry into the conditions under which epistemic legitimacy is conferred on algorithmic
outputs, and into the micro-level correlates of deference, resistance, and preference for
hybrid arrangements.

2.3. Agency, Mediation, and Scope: The Non-Agentiality Stance

Some accounts interpret algorithmic authority through the lens of mediation and
distributed agency, noting that algorithmic outputs are embedded in sociotechnical ar-
rangements in which individuals’ judgment may remain a necessary supplement to algo-
rithmic authority [10]. While such framings are theoretically suggestive, they also invite
strong agentive language (e.g., “algorithms using humans”). In this study, we adopt a
more cautious scope condition: we treat algority as a relational phenomenon grounded in
human conferral of legitimacy rather than as an instance of algorithmic agency, a boundary
we have previously discussed as a non-agentiality stance [13]. This positioning supports
an operationalization that focuses on measurable attributions, expectations, and decision
preferences without presupposing goals or intentions on the part of algorithms.

2.4. Macro-Level Accounts and Micro-Level Mechanisms

Algorithmic authority is also studied through sociological lenses that emphasize
how computational systems reorder social relations, institutional practices, and epistemic
arrangements [14,15]. Complementary critical work highlights structural dynamics such
as the reinforcement of social inequalities and the propagation of bias [15-18]. Building
on these perspectives, our contribution focuses on a complementary level of analysis: the
micro-level correlates of epistemic authority attribution to Al advice and a psychometric
operationalization that enables systematic empirical investigation across scenarios and
domains. Table 1 summarizes the main theoretical concepts adopted in this study.

Table 1. Summary of the main theoretical concepts adopted in this study.

Concept Definition

Algorithmic authority = The power of algorithms to manage human action and influ-
ence what information is accessible to users, stressing that it
does not reside solely in code but emerges from a diversity of
sociotechnical actors [10].
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Table 1. Cont.

Concept Definition

Epistemic Authority The attribution of epistemic legitimacy to an Al system’s out-
puts as convincing assertions about what is true and, conse-
quently, what it is better to do.

Algority The propensity to confer such authority on algorithms in con-
texts where one might otherwise defer to human experts. We
treat algority as a relational phenomenon grounded in human
conferral of legitimacy rather than as an instance of algorith-
mic agency, a boundary we have previously discussed as a
non-agentiality stance [13].

Epistemic reliance Epistemic reliance is conferred not on an identifiable individual
but on a process: an unmanaged computational procedure that
derives value from heterogeneous sources [6-8].

3. Methods
3.1. User Study

In this study, we focused on identifying the main factors making participants confident
in considering Al advisors as authorities, thereby providing preliminary insights into the
propensity to attribute epistemic authority to Al advisors, that is, algority. To explore this, a
psychometric tool was developed to evaluate attitudes and preferences regarding algorithmic
authority compared to human authority. This allowed us to test factors affecting algority by
measuring them through a user study and then examining their association using Spearman’s
rank correlation coefficients and non-parametric tests, such as the Mann-Whitney U test (MW)
and the Kruskal-Wallis test (KW). We used a stepwise methodological approach to confirm
associative hypotheses between predisposing factors and potential enablers for recognizing
epistemic authority in AL This aligns with the exploratory nature of this study.

We designed the psychometric tool to incorporate both validated items from existing
literature and ad hoc items into an online questionnaire, as described below (see Section 3.2).
We initially asked respondents to complete a section of the questionnaire based on items
taken from the existing literature. We administered items from three scales that have been
suggested in the literature concerning authority and human interactions with technology,
since we did not find any specific source focusing on determinants of algorithmic author-
ity. Many factors or facilitating conditions of algorithmic authority likely overlap with
traditional determinants of trust in automation, which has been extensively discussed
in the literature. These determinants include perceived fairness [19], the reputation of
the organisation behind the algorithms [20], transparency [21], and perceived efficiency
and objectivity [22], as well as perceived effectiveness and decision accuracy [23]. In this
study, we assumed relevant those capturing individual priorities in moral decision-making
(i.e., the Moral Foundation Questionnaire—MFQ) [24], trust in automation (i.e., The Trust
in Automation scale—TiA) [25], and perceptions regarding the performance of automated
systems (i.e., the Perfect Automation Schema—PAS) [26].

Subsequently, we presented hypothetical scenarios to respondents in which the deci-
sions and judgments of authorities may have legal or otherwise significant implications for
subjects, aiming to investigate their attitudes and preferences towards automated decision-
making. To do so, we designed ad hoc items that we grouped into 5 areas of concern
based on the selected ordinary scenarios. A subset of the ad hoc items (i.e., Expectation on
Al (EonAl) and Attitude towards replacement (ATR)—see Section 3.2) were grounded in
the traditional epistemic relationship between laypeople and specialists, which remains
the main instance of epistemic authority [27]. Experts, indeed, are typically epistemic
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agents seen as epistemically superior to us concerning assertions within their areas of
competence [27-29]. Thus, assessing the perceived importance of human experts in rele-
vant and sensitive contexts facilitates an understanding of the degree to which users still
place their trust in established human epistemic authorities. On the other hand, epistemic
authority is not an inherent attribute but arises via contextual interactions with users, de-
pendent on the user’s objectives, circumstances, and assessment criteria [30]. Consequently,
the remaining ad hoc items (i.e., Trust on Prediction (ToP), Preference on Judgment (Po]J)
and Deference for Action (DoA)—see Section 3.2) were designed to specifically assess users’
perceptions of Al systems as reliable advisors in making decisions regarding personal
and professional matters. Recent works, indeed, are increasingly distinguishing between
the dimensions of trust and epistemic authority, positing that trust is not a prerequisite
for epistemic authority, but rather a concurrent perspective through which the interac-
tion between humans and Al is framed and negotiated [30]. In this context, trust and
authority are separate yet interrelated aspects of human—Al interaction, influenced by
how users formulate their expectations in particular tasks and domains [30]. Therefore,
the development of an independent scale for measuring algorithmic authority, focusing
on its situational nature and the epistemic asymmetry between traditional experts and
non-specialists, contributes in bridging the gap in recognizing epistemic authority [27] as a
standalone construct. In doing so, we screened the literature on epistemic authority to find
paradigmatic instances of algority. We were inspired by some instances, such as expecta-
tions on the errors in automated aids [26]; attitude towards human judgment replacements,
with experts asserting themselves as epistemic authorities in their respective domains of
expertise [27]; and algorithmic decisions in assessment domains not always being error- or
bias-free (e.g., mortgage loans and job recruitment) [31]. We also opted to include instances
of low-risk domains and sensitive scenarios to assess individuals’ attitudes regarding Al
authority in predictive decision-making. Our ad hoc items were conceived to cover three
decision-making approaches, that is, responders exhibiting a preference for human author-
ity, those showing preference or deference towards Al as decision-makers, and responders
favoring human-Al collaboration in the decision-making process.

Since the items taken from the literature were not available in Italian, this part of the
questionnaire was translated from English to Italian by the authors independently. The discrep-
ancies between the item translations were analyzed until a consensus was achieved. We directly
conceived the ad hoc items in Italian, so no translation or back-translation was necessary to
preserve the original meaning (e.g., [32]). The complete questionnaire was then administered
via the online platform Lime Survey to students enrolled in the Computer Science courses at the
University of Milano-Bicocca (Milano, Italy). Data collection was carried out at two time-points,
from November 2022 to May 2023 and subsequently from November 2023 to January 2024.
A snowball sampling method was employed to expand the survey sample until a convenient
sample was obtained to compute statistics (e.g., [33,34]). Data were analyzed using R software
version 4.3. Section 3.2 describes the measures employed in the questionnaire.

3.2. Measures
3.2.1. Literature-Derived Constructs

(1) The Moral Foundation Questionnaire (MFQ) [35,36], which comprises 32 items, ranges
from perception about a set of issues in moral decision-making to agreement in regard to a
variety of moral propositions, such as “All children must learn respect for authority’. In this
study, we chose three items of the former kind above for which we proposed a 5-point dif-
ferential semantic ranging from 1 (=completely irrelevant) to 5 (=completely relevant), and
three items of the latter type, for which we adopted a 6-item differential semantic ranging
from 1 (=strongly disagree) to 6 (=strongly agree). As an aggregate, these items express
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some form of attitude towards authority. (2) The Trust in Automation scale (TiA) [25,37]
consists of six sub-scales (namely, Reliability /Competence, Understanding/Predictability,
Propensity to Trust, Intention of Developers, Familiarity, and Trust in Automation) with
2 to 4 items each, for a total of 19 items. For the purposes of our study, we chose only the
five items that belonged to the sub-scales ‘Propensity to Trust” and “Trust in automation’;
for both sub-scales, the adopted response format was a 6-point rating scale ranging from
1 (=strongly disagree) to 6 (=strongly agree). These items, aggregated, express the partici-
pants’ trust in automation. Item 1 was assigned scores on a reverse scale. (3) A larger pool
of items, i.e., 9 items, was taken from the Perfect Automation Schema (PAS) scale proposed
by [26], for which we used the same 6-point scale mentioned above. Six items were aimed
at assessing high expectations (e.g., “Automated systems have 100% perfect performance’),
whilst three items were used to assess All-or-None thinking (e.g., ‘If an automated system
makes a mistake, then it is completely useless’). These items grouped should express the
uncompromising trust in the unquestionable authority of Al. Items 4 and 5 were assigned
scores on a reverse scale. Table 2 presents the measures employed in the questionnaire.

Table 2. Questionnaire: items taken from the literature, namely, the Moral Foundation Questionnaire—
MEFQ, The Trust in Automation scale—TiA, and the Perfect Automation Schema—PAS. * Item 1 from
TiA scale and items 4 and 5 from PAS scale were on a reversed scale.

Moral Foundation Questionnaire (MFQ)

(1) Whether or not someone showed a lack of respect for authority

(2) Whether or not someone conformed to the traditions of society

(3) Whether or not an action caused chaos or disorder

(4) Respect for authority is something all children need to learn

(5) Men and women each have different roles to play in society

(6) If I were a soldier and disagreed with my commanding officer’s orders,
I'would obey anyway because that is my duty

Trust in Automation (TiA)

(1) One should be careful with unfamiliar automated systems *
(2) I rather trust a system than I mistrust it

(3) Automated systems generally work well

(4) I trust the system

(5) I can rely on the system

Perfect Automation Schema (PAS)

(1) Automated systems have 100% perfect performance

(2) Automated systems rarely make mistakes

(3) Automated systems can always be counted on to make accurate decisions
(4) Automated systems make more mistakes than people realize *

(5) People generally believe automated system work better than they do *

(6) People have no reason to question the decisions automated systems make
(7) If automated system makes error, then it is broken

(8) If an automated system makes a mistake, then it is completely useless

(9) Correctly functioning automated systems are perfectly reliable

3.2.2. Ad Hoc Constructs

(4) Expectation on Al comprises a simple item associated with the extent to which
respondents believe Al is a reliable epistemic authority in delicate domains (EonAl a).
(5) Attitude towards replacement groups two ad hoc items associated with the extent to which
respondents believe Al could replace human authorities (ATR b) and experts in general
(ATR a). (6) Trust on Prediction groups two ad hoc items associated with the extent to
which respondents tend to consider algorithmic predictions about personally relevant
future events (on love and job matters) reliable; to this aim, we selected two ordinary
scenarios, like job seeking (ToP a) and date matching (ToP b) for the personal, as well as
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commercial, implications of these two applications domains. (7) Preference on Judgment
groups three ad hoc items associated with the extent to which respondents tend to prefer
that decisions that can strongly impact their lives are made by Al rather than other humans
(individually or acting in some form of collective); the scenarios chosen for these items
are job interviewing (Po] b), criminal judgment (Po] a), and creditworthiness assessment
(PoJ c). (8) Deference for Action comprises a simple item taken as paradigmatic of those cases
in which AI can influence our action in daily, ordinary, and low-stakes situations; to this
aim, we let respondents imagine a situation where the recommendations of a navigation
system are compared with the route suggested by a friend of theirs (DoA a). Tables 3 and 4
show the ad hoc constructs chosen in this study and their answer options.

Table 3. Questionnaire: ad hoc items. Expectation on Al and Attitude towards replacement.

Expectation on AI (EonAl)

(a) In these areas, compared with renowned experts, an Al software or machine usually makes:
(1) Far fewer errors

(2) Slightly fewer errors

(3) About the same number of errors

(4) Slightly more errors

(5) Many more errors

(6) Can’t make these decisions yet

Attitude towards replacement (ATR)

(a) If, in a given high-risk task, an Al system consistently shows higher accuracy than an average
human expert:

(1) It should support humans, but they must always have the last word and can disagree

(2) It should support humans, who always have the last word and can disagree only if they bring
solid evidence that they are right and the machine is wrong

(3) It should replace humans in these tasks

(4) This can never happen

(b) Nobel laureate Kahnemann once said that: “Whenever we can replace human judgment with
an algorithm, we should at least consider it. [In fact] we should replace humans with algorithms
whenever it is possible to:

(1) Strongly disagree

(2) Moderately disagree

(3) Slightly disagree

(4) Slightly agree

(5) Moderately agree

(6) Strongly agree

Table 4. Questionnaire: ad hoc items. Trust on Prediction, Preference on Judgment, and Deference
for Action.

Trust on Prediction (ToP)

(a) If a dating app calculated a 98.5 percent affinity between you and a potential partner,

how likely do you think you would be to have a long and rewarding love affair with that person:
(1) Almost certainly

(2) 50%

(3) About 1 in 20 (5%)

(4) Hardly possible

(b) If a computer program considered your exam grades, and your answers to a long psychometric
questionnaire, and offered you a job position with a 97.8 percent probability that it would be the
perfect job for you, what is the likelihood that you might actually feel fulfilled in doing that job?
(1) Almost certainly

(2) 50%

(3) About 1 in 20 (5%)

(4) Hardly possible
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Table 4. Cont.

Preference on Judgment (PoJ)

(a) You are falsely accused of a crime you did not commit, and you are assisted by a very good
lawyer. You would rather be tried by:

(1) A judge

(2) An Al that calculates the probability that you are actually innocent or guilty

(3) A popular jury

(4) A popular jury including an Al that calculates the probability that you are actually innocent
or guilty

(5) A jury of judges

(6) A jury of judges using an Al that calculates the probability that you are actually innocent
or guilty

(b) For a very important job interview for a position you believe you deserve and that would
change your life for the better, you would rather be judged by:

(1) A human being

(2) An artificial intelligence

(3) A human supported by an artificial intelligence

(4) A human committee

(5) A human commission supported by an Al

(c) If you were to apply for a mortgage, and for that purpose you still had to fill out a lengthy
questionnaire, knowing that the decision is final even though it is your right to know the reasons:
(1) A human expert

(2) An Al

(3) A committee

(4) A committee of which an Al is also a member

Deference for Action (DoA)

(a) Imagine the following situation: you have to drive to a friend who lives in an area you do not
know. Getting into the car, you turn on the navigation system and enter your friend’s

correct address:

(1) turn right and follow your friend’s directions because. .. she will know exactly how to get to

her house!

(2) you turn left and follow the navigator’s directions because it has just been updated and may

want you to avoid a busy area or a temporarily closed road.

(3) You are confused, you make the traffic circle a couple of times trying to figure out what to do
but eventually you listen to the navigator who will still take you to your destination

(4) You're confused, you go around the traffic circle a couple of times trying to figure out what to
do but in the end you do what the friend told you trusting that the navigator will recalculate the
route in a few seconds. ..

4. Results

Six hundred and ten people answered the full questionnaire. The sample consisted
of 50% males, 49% females, and 1% gender non-confirming. Over 60% of the sample was
under the age of 26, and 39% declared not being students.

We first assessed the questionnaire’s internal consistency using Cronbach’s alpha to
confirm its reliability against the recommended threshold of 0.7 [38]. The study found
that TiA and PAS Cronbach’s alpha values were higher than the suggested level of 0.70,
indicating a moderate to high level of reliability (i.e., TiA Chronbach’s alpha = 0.8; PAS
Chronbach’s alpha = 0.756), whereas MFQ Cronbach’s alpha value was only 0.638. However,
the range 0.6-0.7 is considered an acceptable level of reliability in the literature [39], so
we also included the MFQ for the subsequent analysis. None of the remaining items were
signalled as redundant, being below the critical upper bound of 0.95 [40], even though only
the preference on judgment Cronbach’s alpha value was higher than the critical threshold
of 0.7 (i.e., preference on judgment Cronbach’s alpha = 0.753). In this study, we therefore
assumed priorities in moral decision-making, trust in automation, and the perceptions
regarding the performance of automated systems as the predisposing factors of participants’
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confidence or resistance to algorithmic decisions. We accordingly examined the correlation
strength between each literature-derived construct (MFQ, TiA, and PAS) and each of the ad
hoc items using Spearman’s rank correlation coefficients, as the Shapiro-Wilk normality
tests for the data were unsuccessful [41].

4.1. Correlations

The results showed positive significant correlations between trust in automation
(i.e., TiA) and the majority of the ad hoc items, such as Expectation on Al (r = 0.22, p < 0.05),
date matching (r = 0.15, p < 0.05), criminal judgment (r = 0.18, p < 0.05), creditworthiness
assessment (r = 0.16, p < 0.05), attitude towards expert replacement (r = 0.26, p < 0.05), and
Deference for Action (r = 0.16, p < 0.05). Similarly, our findings revealed positive significant
correlations between perceptions regarding the performance of automated systems (i.e., PAS)
and Expectation on Al (r = 0.16, p < 0.05), date matching (r = 0.14, p < 0.05), attitude to-
wards expert replacement (r = 0.22, p < 0.05), and Deference for Action (r = 0.12, p < 0.05).
The findings also showed a negative significant correlation between priorities in moral
decision-making (i.e., MFQ) and criminal judgment (r = —0.11, p < 0.05), whereas a positive
non-significant correlation was found between perceptions regarding the performance of
automated systems (i.e., PAS) and creditworthiness assessment (r = 0.13, p > 0.05) (Figure 1).
The analysis showed that trust in automation and a strong belief in Al's unquestionable
authority are both linked to the willingness to let Al make decisions in different real-life
situations, whereas the attitude toward authority exhibits a negative correlation with the
inclination to delegate human decision-making to Al, though this association was statistically
significant in only one real scenario. So, we looked into these initial associations, examining
whether there were any statistically significant differences in the hypothesized dimensions of
algorithmic authority based on how respondents felt about authority, how much they trust
automation, and how strong is their faith in automation perfection.

ToP (0] r=-0.008 r=0.053 r=0.079
oF (D)

p=0899 p=0384 p=0200
. r=-0.002 r=0.139 r=0.154
ToP (a) p=0.068 p=0.003 p=0.001%
_— r=-0.001 r=0.127 r=0.159
0 () 0-0983 p=0078 p=0.027*
Pol (b) r=-00es r=0057 r=0.074 Spearman's Rho
ol p=0478 p=0.220 p=0.114 = 0
05
Pol (a1 r=-0.111 r=0.097 r=0475
& p =007 p=0.037* p =0.000¢ 0.0
. r=-0.00 r=0.163 r=0.222 05
EonAl (a) .
- p=0979 p =0.000° p =0.000° 10
Dok (3 r=0.008 r=0.119 r=0.150
" p=0897 p=0.011 p=0.001%
RO r=0.024 r=0215 r=0263
W p=0609 p =0.000° p =0.000¢
. r=-0.080 r=0.080 r=0.100
ATR (3) p=0083 p=0085 p=0.030°
MFQ PAS TiA

Figure 1. Spearmann’s rank correlation coefficients between literature-derived constructs (MFQ, TiA,
and PAS) and ad hoc constructs. EonAl = Expectation on Al. ATR = Attitude towards replacement.
ToP = Trust on Prediction. Po] = Preference on Judgment. DoA = Deference on Action. (a), (b), (c) are
the ad hoc items—see Tables 3 and 4. * p value < 0.05
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4.2. Non-Parametric Tests

Mann-Whitney (MW) U tests [42] were conducted on two groups to determine if
statistically significant differences exist across the groups of respondents depending on
their high versus low attitude towards authority, high versus low trust in automation, and
high versus low faith in automated system performance.

4.2.1. Trust in Automaton Scale (TiA)

By categorizing respondents based on their levels of trust in automation, we found a
statistically significant difference across the groups towards Al as reliable epistemic author-
ities in delicate domains (W = 33,622.50; effect size r = 0.19; Z = 4.39; p-value < 0.001),
with a significant difference in those with medium-to-high levels of trust in automa-
tion (W = 33,622.50; effect size r = 0.19; Z = 4.39; p-value < 0.001) compared to the ones
having medium-to-low trust in automation (W = 33,622.50; effect size r = 0.19; Z = 4.39;
p-value > 0.05). Similarly, a statistically significant difference was observed between the
groups regarding their attitudes towards replacing human authority (W = 32,402; effect
sizer = 0.19; Z = 4.43; p-value < 0.001), with the one-tailed test confirming this significant
difference towards individuals with medium-to-high trust in automation (W = 32,402; effect
size r = 0.19; Z = 4.43; p-value < 0.001). On the other hand, the groups generally showed
no statistically significant difference in their feelings about replacing expert authority
(W =29,522.5; effect size r = 0.07; Z = 1.70; p-value = 0.09), although those with medium-
to-high trust in automation were more likely to notice this difference (W = 29,522.5; effect
size r = 0.07; Z = 1.70; p-value = 0.045). In terms of the effect sizes (r), the results observed
indicated that the disparity between the groups in terms of their attitude towards the
replacement of human authority, both in general and in sensitive areas, exists in relation
to the different levels of perceived trustworthiness of Al systems, but this difference, al-
though statistically significant, is not substantial enough to be distinctly observable in
practical applications. Regardless of the expressed level of trust in automation, there was
not a statistically significant difference among the groups in terms of how they consider
algorithmic predictions of personal events, like job seeking (two-tailed test: W = 9618;
effect size r = 0.06; Z = 1.39; p-value = 0.164; one-tailed test: W = 9618; effect size r = 0.06;
Z =1.39; p-value = 0.082), and in their attitude towards automated decisions concerning
real-life scenarios, like creditworthiness assessment (two-tailed test: W = 5160; effect size
r=0.07; Z = 1.60; p-value = 0.109; one-tailed test: W = 5160; effect size r = 0.07; Z = 1.60;
p-value = 0.055). Conversely, we found a statistically significant difference between groups
concerning automated predictions about date matching (W = 30,410; effect size r = 0.13;
Z =3.07; p-value = 0.002) and the preference for judgments made by Al versus humans,
such as criminal judgments (W = 30,300.50; effect size r = 0.13; Z = 3.13; p-value = 0.002)
and job interviews (W = 29,169.50; effect size r = 0.09; Z = 2.012; p-value = 0.034), with the
strongest difference in those who had medium-to-high trust in automation (data matching:
W = 30,410; effect size r = 0.13; Z = 3.07; p-value = 0.001; criminal judgment: W = 30,300.50;
effect size r = 0.13; Z = 3.13; p-value < 0.001 and job interviewing: W = 29,169.50; effect
size r = 0.09; Z = 2.012; p-value = 0.017). Similarly, we detected a statistically significant
difference in the respondents” willingness to receive Al support in their daily tasks, re-
gardless of their degree of trust in automation (W = 29,135.5; effect size r = 0.11; Z = 2.62;
p-value = 0.009). This difference was stronger for those who showed high-to-medium trust
compared to those who had medium-to-low trust (W =29,135.5; effect size r = 0.11; Z = 2.62;
p-value = 0.004). Although the results indicate that there are statistically significant dif-
ferences among groups with varying levels of trust regarding their perception of Al as a
reliable source of advice for personal and professional decision-making, the magnitude
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of the observed difference is too small to suggest a meaningful change in the decision to
delegate decision-making to Al in practical operational contexts.

Overall, the results indicate that categorizing respondents according to their perceived
trustworthiness of Al systems reveals statistically significant differences among groups in
their propensity to defer epistemic authority to these systems. However, the systematically
narrowed values of the effect sizes are unlikely to produce a practically perceivable change
in practice. Table 5 shows the results.

Table 5. Mann-Whitney U tests grouped by TiA. W represents the value of the distribution test.
r represents the effect size. EonAl = Expectation on AL ATR = Attitude towards replacement.
ToP = Trust on Prediction. PoJ = Preference on Judgment. DoA = Deference on Action. (a), (b),
(c) are the ad hoc items—see Tables 3 and 4. (1) Two-tailed test. (2) One-tailed test (“greater”).
* p value < 0.05.

\4 r Z-Score p-Value (1) p-Value (2)

EonAl 33,622.50 0.19 4.39 <0.001 * <0.001 *
ATR (a) 29,522.5 0.07 1.70 0.090 0.045 *
ATR (b) 32,402 0.19 4.43 <0.001 * <0.001 *
ToP (b) 9618 0.06 1.39 0.164 0.082
PoJ (c) 5160 0.07 1.60 0.109 0.055
ToP (a) 30,410 0.13 3.07 0.002 * 0.001 *
Po]J (a) 30,300.50 0.13 3.13 0.002 * <.001*
Po]J (b) 29,169.50 0.09 212 0.034 * 0.017 *

DoA 29,135.5 0.11 2.62 0.009 * 0.004 *

4.2.2. Perfect Automation Schema (PAS)

Using the faith in automated system performance to stratify the respondents, we
noticed that a statistically significant difference exists between groups regardless of the
level of faith in how they consider Al as reliable epistemic authorities in delicate domains
(W =30,439.5; effect size r = 0.09; Z = 2.00; p-value = 0.046) as well as in the level of
agreement about the statement on the replacement of Al with humans whenever possible
(W =31,282; effect size r = 0.15; Z = 3.46; p-value < 0.001).However, using a one-tailed
test, individuals with medium-to-high belief in AI's unquestionable authority exhibited a
significant preference towards Al as an epistemic authority in sensitive areas (W = 30,439.5;
effect size r = 0.09; Z = 2.00; p-value = 0.023), as well as in the substitution of human judg-
ments with automated decisions (W = 31,282; effect size r = 0.15; Z = 3.46; p-value < 0.001)
relative to the other group. Regarding effect sizes (r), our findings indicated that, while
the observed difference between groups is statistically significant, it may not reflect a
substantial divergence in their inclination to confer epistemic authority upon Als in prac-
tice. Conversely, we observed no statistically significant difference in the propensity to
substitute expert authority between the two groups (W = 27,625.50; effect size r = 0.00;
Z = 0.08; p-value = 0.939), nor was there any significant difference by secondly exploring
the one-tailed test (W = 27,625.50; effect size r = 0.00; Z = 0.08; p-value = 0.470). No sta-
tistically significant difference was found among groups regarding their perceptions of
algorithmic predictions related to personal events, such as job seeking (two-tailed test:
W = 9360; effect size r = 0.04; Z = 0.85; p-value = 0.396; one-tailed test: W = 9360; effect size
r =0.04; Z = 0.85; p-value = 0.198) nor on their attitude towards automated judgments in
real-life settings, such as creditworthiness assessment (two-tailed test: W = 5255; effect size
r =0.07; Z = 1.60; p-value = 0.109; one-tailed test: W = 5160; effect size r = 0.07; Z = 1.60;
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p-value = 0.055). Additionally, no statistically significant difference was observed between
the groups concerning the respondents’ intent to accept Al assistance in their everyday
tasks (two-tailed test: W = 27,786.50; effect size r = 0.06; Z = 1.47; p-value = 0.141; one-tailed
test: W =27,786.50; effect size r = 0.06; Z = 1.47; p-value = 0.070) or their preference for
judgments made by Al compared to humans, such as in job interviews (two-tailed test:
W =27,904; effect size r = 0.04; Z = 0.97; p-value = 0.334; one-tailed test: W = 27,904; effect
size r = 0.04; Z = 0.97; p-value = 0.167). Conversely, the groups generally showed statisti-
cally significant differences concerning the automated predictions about date matching
(W =30,350.50; effect size r = 0.12; Z = 2.89; p-value = 0.004), with those who had medium-
to-high faith in automation performance more likely to notice this difference (W = 30,350.50;
effect size r = 0.12; Z = 2.89; p-value = 0.002). Similarly, in the group exhibiting medium-to-
high faith in automation performance, the observed difference regarding the respondents’
preference for judgments made by Al compared to humans, such as in criminal cases,
was statistically significant, thereby confirming a greater likelihood of identifying this
directional effect in a one-tailed test (two-tailed test: W = 29,065; effect size r = 0.08; Z = 1.96;
p-value = 0.05; one-tailed test: W = 29,065; effect size r = 0.08; Z = 1.96; p-value = 0.025).
Nonetheless, the minimal and small-to-medium impact sizes suggest that both groups
may exhibit comparable behavior in conferring epistemic status to Als, regardless of their
differing perceptions of faith in automated system performance.

Overall, the findings suggest that classifying respondents based on their confidence
in automated system performance uncovers statistically significant variations in their
propensity to delegate epistemic authority to these systems, although these differences
are so slight that they may not result in behavior that is substantially different in practical
terms. Table 6 shows the results.

Table 6. Mann—Whitney U tests grouped by PAS. W represents the value of the distribution test.
r represents the effect size. EonAl = Expectation on Al. ATR = Attitude towards replacement.
ToP = Trust on Prediction. PoJ = Preference on Judgment. DoA = Deference on Action. (a), (b),
(c) are the ad hoc items—see Tables 3 and 4. (1) Two-tailed test. (2) One-tailed test (“greater”).
* p value < 0.05.

\4 r Z-Score p-Value (1) p-Value (2)

EonAl 30,439.5 0.09 2.00 0.046 * 0.023 *
ATR (a) 27,625.50 0.00 0.08 0.939 0.470
ATR (b) 31,282 0.15 3.46 <0.001 * <0.001 *
ToP (b) 9360 0.04 0.85 0.396 0.198
PoJ (c) 5255 0.07 1.60 0.109 0.055
ToP (a) 30,350.50 0.12 2.89 0.004 * 0.002 *
Po]J (a) 29,065 0.08 1.96 0.050 * 0.025 *
PoJ (b) 27,904 0.04 0.97 0.334 0.167

DoA 27,786.50 0.06 1.47 0.141 0.070

4.2.3. Moral Foundation Questionnaire (MFQ) and Gender

By categorizing the respondents based on their attitudes towards authority, we identi-
fied only a statistically significant difference between the groups regarding their preference
for being evaluated by Al versus humans in morally relevant cases, such as criminal judg-
ment, irrespective of their attitude levels towards authority (two-tailed test: W = 24224.50;
effect size r = 0.09; Z = —2.14; p-value = 0.033; one-tailed test: W = 24224.50; effect size
r = 0.09; Z = —2.14; p-value = 0.984). Similarly, using the gender variable to group the
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respondents, we observed a significant difference in the respondents’ trust in automated
predictions of ordinary scenarios, like job seeking, in the females compared to males
(two-tailed test: W = 9890; effect size r = 0.08; Z = 1.92; p-value = 0.055; one-tailed test:
W = 9890; effect size r = 0.08; Z = 1.92; p-value = 0.027), while in the Attitude towards re-
placement of human authority, the difference was significant regardless of the gender group
(two-tailed test: W = 23,385.50; effect size r = 0.11; Z = —2.95; p-value = 0.008; one-tailed
test: W = 23,385.50; effect size r = 0.11; Z = —2.95; p-value = 0.996). Therefore, regardless
of whether the sample is stratified based on the respondents’ moral orientation towards
authority or categorized by gender, the magnitude of the observed effect is fundamentally
minimal, indicating that the disparities between the groups may not result in significantly
varied behaviors in the attribution of epistemic superiority to Al systems in practical terms.
Tables 7 and 8 show the results.

Table 7. Mann—-Whitney U tests grouped by MFQ. W represents the value of the distribution test.
r represents the effect size. EonAl = Expectation on Al. ATR = Attitude towards replacement.
ToP = Trust on Prediction. PoJ = Preference on Judgment. DoA = Deference on Action. (a), (b),
(c) are the ad hoc items—see Tables 3 and 4. (1) Two-tailed test. (2) One-tailed test (“greater”).
* p value < 0.05.

A\ r Z-Score p-Value (1) p-Value (2)

EonAl 27,799 0.00 0.05 0.960 0.480
ATR (a) 25,457.50 0.07 —-1.69 0.090 0.955
ATR (b) 27,668 0.03 0.66 0.511 0.255
ToP (b) 8585.50 0.03 —-0.71 0.478 0.762
PoJ (c) 4541.50 0.01 —0.33 0.746 0.628
ToP (a) 26,570.5 0.01 —0.18 0.859 0.571
Po] (a) 24,224 .50 0.09 —2.14 0.033 * 0.984
Po] (b) 25,961 0.03 —0.67 0.502 0.749

DoA 27,064 0.04 0.83 0.408 0.204

Table 8. Mann-Whitney U tests grouped by gender. W represents the value of the distribution
test. r represents the effect size. EonAl = Expectation on Al. ATR = Attitude towards replacement.
ToP = Trust on Prediction. PoJ = Preference on Judgment. DoA = Deference on Action. (a), (b),
(c) are the ad hoc items—see Tables 3 and 4. (1) Two-tailed test. (2) One-tailed test (“greater”).
* p value < 0.05.

w r Z-Score p-Value (1) p-Value (2)

EonAlI 29,220 0.04 0.98 0.330 0.165
ATR (a) 28,889.5 0.04 091 0.364 0.184
ATR (b) 23,385.5 0.11 —2.65 0.008 * 0.996
ToP (b) 9890 0.08 1.92 0.055 0.027 *
Po]J (c) 4677.50 0.01 0.33 0.741 0.371
ToP (a) 27,295 0.01 0.30 0.763 0.381
Po] (a) 27,111.50 0.01 0.17 0.869 0.434
PoJ (b) 26,604 0.01 —0.25 0.806 0.598

DoA 26,604 0.02 0.48 0.635 0.317
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4.2.4. Decision-Making Approaches

The Kruskal-Wallis (KW) tests [42] were performed to investigate statistically signif-
icant differences among three decision-making preferences: individuals favoring human
authority, those preferring Al as a decision-maker, and those endorsing collaboration
between humans and Al in relation to the respondents’ attitude towards authority, trust
in automation, and confidence in automation’s performance, respectively. The analysis
focused on three real-life scenarios (job interviewing, criminal judgment, and credit-
worthiness assessment), which were hypothesized to have an influence on respondents’
preferences for Al-made judgments over human ones. The Kruskal-Wallis results re-
vealed a statistically significant difference between the three groups of decision-making
supports concerning trust automation in the criminal judgment scenario (x> = 14.142,
p = 0.0008). The subsequent two-group Mann-Whitney tests, which were used to com-
pare the decision-making supports, identified a significant difference between the group
expressing a preference for relying on hybrid human—Al decision support and the group
who deferred to human authority (p-value,;; = 0.0016), albeit the effect size was small
(eta® = 0.0226). This indicates that the perceived trustworthiness of the Al system as a
decision-maker is a crucial aspect in deciding whether to fully depend on Al, advocate
for a hybrid human-AlI decision-making approach, or acknowledge epistemic authority
exclusively in human expertise. Nonetheless, despite the statistically significant dif-
ferences between groups favoring a collaborative human—Al approach and those who
continue to depend solely on traditional human authority for decisions pertinent to
personal matters (such as criminal judgment scenarios), these groups may not exhibit a
pronounced behavioral difference in practice. Similarly, a statistically significant differ-
ence was found between the three groups of decision-making supports concerning the
attitude towards authority in the criminal judgment scenario (x> = 7.9952, p = 0.01836,
7% = 0.0112). The two-group Mann-Whitney tests, on the other hand, did not show any
statistically significant differences when comparing the groups pairwise. This suggests
that there is at least one group exhibiting a different attitude toward authority in the
context of criminal judgment on the basis of the chosen decision-making support. In
the same way, a significant difference between trusting Al to make decisions, working
together with Al, or listening to human authority in the case of job seeking tasks was
observed when comparing faith in the automation performance in the three decision
support groups (x> = 6.5179, p = 0.03843, > = 0.00841). However, multiple pairwise
comparisons between groups did not show a significant difference relative to the degree
of Al's unquestionable authority. Table 9 shows the results.

Overall, the findings confirmed the significance of the preliminary associations
between the predisposing factors and the hypothesized dimensions (especially in the case
of trust in automation—TiA, and faith in automation performance—PAS), suggesting that
humans could likely consider Al advisors as authorities, even though the effect size of
the statistical tests ranged from small to small-to-medium. Therefore, this prompts us
to recognize that the practical implications of these associative connections are minimal.
The observed low and medium-low effect sizes suggest that while there are distinctions
in the perception of TiA and PAS factors between the two groups, these differences
are not enough to establish a conclusive preference for individuals exhibiting higher
trust and expectations in automated systems compared to those with lower confidence
in automated decision support concerning the attribution of epistemic authority to Al
systems in practice.
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Table 9. Kruskal-Wallis tests grouped by decision support. Pairwise comparisons between group
levels with Bonferroni corrections for multiple testing using the Wilcox run sum test with continuity
correction function in R [41,43]. x? statistic represents the Kruskal-Wallis test statistic. 72 is the effect
size [44]. 1 p-value-adjusted Bonferroni. * p value < 0.05. Po] = Preference on Judgment. (a), (b),
(c) are the ad hoc items—see Tables 3 and 4. PMW test is the pairwise Mann-Whitney test. H-H is
Hybrid—-Human.

x2 p-Value 17 PMW Test p-adj!

TiA-Po] (a) 14.142 0.0008492 * 0.0226 H-H 0.0016 *
PAS-PoJ (a) 4.4416 0.1085 0.00455 - -
MEQ-Po] (a) 7.9952 0.01836 * 0.0112 - -
TiA-Po] (b) 2.5591 0.2782 0.00104 - -
PAS-Po] (b) 6.5179 0.03843 * 0.00841 - -
MFQ-PoJ (b) 29134 0.233 0.00170 ] -
TiA-Po] (c) 5.6236 0.0601 0.00675 - -
PAS-PoJ (c) 3.3988 0.1828 0.00260 - -
MFQ-Po]J (c) 0.15968 0.9233 0.00 - -

5. Discussion

This study explored the factors influencing the attribution of epistemic authority to
Al systems, that is, algority, through an empirical investigation leveraging psychometric
tools and scenario-based assessments. The results offer critical insights into the interplay
between trust, perceived performance in automation, and human preference in delegating
decision-making authority to automated systems.

5.1. Is Expert Judgment Being Replaced by Al as Epistemic Authority?

The findings suggest that trust in automation (TiA) and the perceived performance of
Al systems (PAS) significantly influence participants’ readiness to accept Al as epistemic
authorities. Firstly, the stepwise analysis indicates that both trust in automation (TiA) and
belief in its effectiveness (PAS) might stimulate individuals” attitudes about substituting
human judgment with automated decision-making. Nevertheless, we did not find that
individual trust in automation (TiA) and the cognitive patterns associated with human
views regarding the performance of automated systems (PAS) had a significant role in
the propensity to replace expert judgment, except weakly for those who had expressed
a medium-to-high trust in automated decision-making. This is interesting in light of the
recent study by [27], which posits that the concept of epistemic authority is significantly
more fine-grained than that of expertise, indicating that the criteria for expertise should
not be encompassed within the definition of epistemic authority. In a similar vein, ref. [45]
contend that the notions of expertise and epistemic authority are not coextensive, conclud-
ing that there are significant distinctions between the issues of identifying authority and
identifying expertise, particularly regarding the challenges that laypersons encounter in
addressing them. Furthermore, scholars observed that when experts disagree, laypersons
must discern the most credible source within a field, despite their lack of expertise, while
navigating an environment where two or more sources, seemingly equally competent to
them, present conflicting perspectives [46]. On the other hand, the work by [47] indicates
that deference to scientific authority and trust in scientists are separate constructs, with
deference notably forecasting elevated trust in scientific figures regarding science-related
matters, and epistemic trust which pertains to the readiness to regard new information from
others as credible, applicable, and pertinent [48]. In this view, ref. [49] conclude that while
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deference theoretically arises from a confidence in the authority of scientific knowledge,
various other conditions convert this conviction into actual deference to that authority
in diverse settings. Notably, recent research has shown that users confer authority to Al
systems based on sources that are frequently unrelated to the system, and do not reflect the
reliability, utility, or efficacy of the Al in question [50]. However, ref. [51] argued that the
proficiency exhibited by Large Language Models in question-answering tasks may create
a perception that these Al systems hold competencies that categorize them as epistemic
experts, thereby suggesting an epistemic obligation to rely on the predictions made by these
Al systems [51,52]. In this view, further analysis is needed to explore whether other factors
may elucidate the underlying reasons for the preference of replacing expert judgment as
epistemic authority.

5.2. The Importance of Operational Domain and Task Nature in Granting Epistemic Authority
to Al

As expected, we found a remarkable association between both trust in automation
(TiA) and perceptions of automated system performance (PAS) with users’ attitudes towards
errors in assistance, especially among those with elevated expectations of automated
decision-making efficacy and trust in automation. This is consistent with the literature in
which scholars argue that people have higher performance expectations toward algorithms
than humans [31] and a faulty human—-automation interaction tends to induce disuse
in the automation aids even though users know the aid is more accurate than they are
(e.g., [26,53,54]). However, recent works suggest that Al authority tends to influence users’
attitudes towards Al, including trust in Al skills, self-blame for negative and biased results,
forgiveness, and thankfulness towards Al, resulting in increased tolerance for Al alerts and
diminished acknowledgment of Al biases [50]. In this vein, ref. [55] noticed that first-time
failures may result in a lack of reliance in an algorithm, but increased familiarity may foster
excessive trust, particularly in fields like automated driving [56] and healthcare. Research
indicates that, although previous beliefs affect the initial trust in Al, continuing interactions
and the resultant familiarity also have a significant role [57]. Interestingly, when we tested
differences between groups on the basis of their degree of faith in automation performance
(PAS), we found no significant association between automated aids in route planning
tasks and individuals” perception of Al accuracy, despite a preliminary association in the
correlation analysis. This may lead to the consideration that faith in automated performance
(PAS) appears to be a predisposing factor in acknowledging Al’s epistemic authority mainly
in high-stakes scenarios, which are situations with potentially far-reaching consequences for
an individual’s future [50]. Trust in automation (TiA), instead, appears to be a fundamental
factor that predisposes people to recognize Al as an authority. For instance, participants
displayed acceptance of Al in predictive domains like dating or job-matching and in areas
requiring moral discretion, such as criminal justice. This suggests that individuals perceive
Al as reliable advisors in domains defined both by quantifiable outcomes and subjective
or ethical nuances, reinforcing the hypothesis that perceived task suitability is pivotal in
determining Al’s acceptance as an authority. This is especially significant considering recent
research that has established a strong connection between trust in Al and the perceived
risk associated with decision-making, indicating that individuals are more inclined to trust
Al as the perceived risk of the decision escalates [55]. Furthermore, our findings appear to
align with the evidence gathered that the operational domain is a crucial driver of trust [55]
as well as the nature of the task [57]. Ref. [58] observed that participants exhibited a greater
reliance on human judgment than on algorithmic input when tasked with predicting the
funniness of jokes. Conversely, ref. [59] found that participants relied more on algorithms
than on humans for numerical tasks with an objectively correct answer. In this perspective,
in consumer research, ref. [60] states that consumers exhibit varying degrees of algorithmic
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inclination or aversion, contingent upon the nature of the task for which the algorithm
is employed and the perception of that task. The authors conclude that enhancing the
perceived objectivity of a task pairs with an increase in trust and utilization of algorithms
associated with that task, thereby suggesting that improving the perceived emotional
similarity of algorithms to humans effectively encourages their application in subjective
tasks [60].

5.3. The Role of Individuals” Moral Foundations in Acknowledging Authority in Al

While trust in Al (TiA) positively aligns with preferences for its deployment in high-
stakes scenarios, traditional moral frameworks (as captured by MFQ scores) inversely
correlate with reliance on algorithmic authority in sensitive decisions, such as criminal
judgments. These outcomes reveal a tension between inherent trust in the technological
capabilities of Al and cultural or ethical predispositions emphasizing human oversight.
This might align with the current discourse around Al deference and human oversight.
Ref. [29] endorses the assertion that if Al cannot establish a reliably superior viewpoint
in the pertinent domain, or if it does not address counterarguments acknowledged by a
competent human, then reliance on it becomes illogical. However, a recent study by [61]
on the potential associations between individual moral foundations, assessed via the
Moral Foundations Questionnaire (MFQ), and participants’ perceptions and evaluations
of morally contentious Al behavior, found that sensitivity to care/harm violations was
the most significant predictor of the perceived wrongness of Al behavior in relation to
moral foundations. The study concludes that an individual’s perception of Al systems is
variable and influenced by elements beyond their moral roots [61]. Therefore, additional
studies are required to investigate how individual variations in moral underpinnings
and evaluations of Al systems may influence individuals” inclination to acknowledge
authority in AI. However, when we compared attitudes toward authority in the three
different decision support groups, no clear dominant category of decision support emerged
in terms of predisposition toward judgment or moral relevance of authority, contrary to
our initial expectations. Interestingly, subjects who preferred a collaborative approach
with Al, as opposed to relying solely on human judgment, showed significantly greater
trust in automation in particularly sensitive decision-making choices, such as criminal
judgment. Some studies argue that knowing more about the technical side of Al systems
might change how people judge the behavior of Als [61]. Other studies suggest that there
is a clear difference in how people see moral violations committed by Als compared to
human offenders [62], which means that more research is needed, especially since Als of
the future will perform a wider range of actions that are morally significant [62]. This might
suggest that, in contexts of particular ethical and moral relevance, personal moral judgment
can play a decisive role in decision support choices, as long as there is greater awareness of
the potential effects of using automated support while recognizing its potential for support.
Further research is required to confirm this point by simultaneously examining whether
all of TiA, MFQ and PAS affect humans’ propensity to ascribe epistemic authority to Al
advisors in high vs. low critical contexts, including the task’s complexity for which Al
provides guidance.

5.4. Gender and Epistemic Authority of Al

The findings on gender-based differences warrant further investigation, as they may
indicate underlying sociocultural or experiential factors shaping perceptions of automation.
Studies indicate that gender influences both aversion and appreciation of technology utiliza-
tion [63,64] and can induce stereotypes or biases in human—Al teaming [65], rendering the
subject of gender disparities in algorithm acceptance to be fully explored [64]. Unexpectedly,
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the association between trust in automation (TiA) and individuals’ confidence in consider-
ing Al as epistemic authorities in personal domains (e.g., creditworthiness assessments)
was weaker than anticipated. This may be due to heightened awareness of potential biases
and fairness issues in Al systems, a growing concern in public discourse. This highlights the
need for enhanced transparency and accountability in algorithmic decision-making [66,67].
This is noteworthy because our study primarily focuses on younger respondents, which
allows us to identify significant demographic influences, such as those who are more famil-
iar with technology and exhibit greater openness to algorithmic decision-making. These
patterns should resonate with the “digital-native” hypothesis, which posits generational
shifts in technology adoption and trust, as confirmed in the literature (e.g., [68]).

6. Limitations and Further Research

Notwithstanding our interesting results, we believe that several limits of our study
must be acknowledged.

Firstly, the stepwise method is based on associative hypotheses derived from corre-
lation analysis and subsequent non-parametric tests which impede inferences of causal
relationships. We should extend this initial result, which identifies hypothetical predictors
of algority and their presumed relationship to the variable, by testing the various relation-
ships simultaneously. This will help us understand whether there is a basis for modeling
complex theoretical causal relationships between constructs, exploring how consistent the
resulting model is with the data.

Secondly, ad hoc constructs cannot be deemed to be comprehensive of the several
real-world scenarios pertinent for evaluating the propensity towards algorithmic versus
human authority. Future study should enhance and consolidate the psychometric instru-
ment with the aim to operationalise the algorithmic construct. In this vein, this study paves
the way for further experimental and qualitative research. As an example, our associative
findings might be investigated in an interview-based study design to elucidate and unfold
the most fuzzified associations related to conferring epistemic authority to Al Similarly,
additional experimental research ought to be devised to evaluate our early findings in
pertinent contexts, such as healthcare and law, that are grounded in ethical foundations
and the epistemic superiority of human expertise. Both scenarios may be appropriate for
enhancing the understanding of the preference we observed regarding human-AI collabo-
rative solutions in making decisions; maybe this would also allow for the investigation of
whether “Al is successfully appropriated by a human agent” [51], meaning that it enhances
users’ epistemic skills and effectively helps them achieve their epistemic goals.

Thirdly, the sample was mainly restricted to university students under 30 years of
age, hence constraining the generalizability and comparability of our findings across
diverse user groups. Future research should investigate how aged respondents engage
with algorithmic deference tasks and the epistemic role of Al to attain a more nuanced
understanding of how reliance on Al, expectations of Al performance, and authority-related
moral attitudes may serve as potential predictors for measuring algorithmic authority.
Furthermore, our sample comprised respondents only in Italy. Future research should
incorporate respondents from diverse geographical locations to assess the impact of cultural
differences on trust in Al and the influence on individuals’ moral foundations when dealing
with Al within ethically sensitive contexts.

As for further research, our findings have important implications for the design and
implementation of Al systems. Our findings suggested that trust is the underlying predictor
of acknowledging Al as an epistemic authority. Nevertheless, although respondents exhibit
confidence in automated decision-making when Al’s output may mitigate errors, their
assessment of automation’s efficacy was deemed insufficient to supplant expert judgment.
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This implies that Al systems should be designed to strengthen users’ perception of engag-
ing with a skilled counterpart using appropriate cues of their effectiveness as epistemic
authority. As an example, ref. [69] concludes the necessity of incorporating “professional
credibility indicators” into Al to bolster physicians’ trust in Al assistance. This underscores
the pressing necessity for innovative design approaches to capture the epistemic authority
ascribed to Al systems. Conversely, when users receive outputs that are precise, coherent,
and contextually relevant, they may reasonably regard them with the same trust as they
would experts [30]. In this view, our findings concerning respondents’ preferences for Al
accuracy in error assistance need significant considerations regarding the design of Al
as an epistemic technology, which is intended to function on epistemic content through
processes such as inference, prediction, and analysis [70]. This indicates that the behavior
of such technologies is significantly influenced by training data [51], hence underscoring
the necessity of including design approaches that are strongly ethical by design. Moreover,
developers and policymakers must consider the contextual and psychological dimensions
of trust to enhance user acceptance. Incorporating mechanisms for greater transparency,
such as explainable Al, and promoting hybrid human—AlI decision frameworks may bridge
gaps in trust and perceived efficacy. For instance, scenarios blending human discretion with
Al's computational strength (e.g., human judges supported by Al in courtrooms) emerged
as a preferred model in this study, suggesting a pathway for integrating Al into socially
sensitive domains. The observed preference towards hybrid collaboration between humans
and Al in sensitive decision-making contexts calls for a comprehensive understanding of
authority and competence in shared decision-making processes, to ascertain new evaluative
parameters for measuring the effects and quality of decisions in collaborative human—AI
decisions. Future research should build on these findings by exploring longitudinal changes
in trust dynamics as exposure to and reliance on Al systems increase. Lastly, investigating
cross-cultural variations could also provide a more global perspective on algorithmic au-
thority. Additionally, there is a need to examine how real-world deployments of Al, beyond
hypothetical scenarios, shape user trust and acceptance over time.

7. Conclusions

This exploratory study aims at identifying the main factors that contribute to individ-
uals’ confidence in viewing Al advisors as authorities, offering preliminary insights into
the tendency to attribute epistemic authority to Al advisors, referred to as algority. Overall,
our findings showed that there exists a tendency to acknowledge epistemic authority to
Al, although further analysis is needed to test facilitators making algorithmic authority
predominant over human authority. While faith in automated performance (PAS) appears
to be a predisposing factor in acknowledging Al’s epistemic authority, particularly in high-
stakes scenarios with potentially far-reaching consequences for an individual’s future, trust
in automation (TiA) has emerged as a fundamental element in acknowledging Al as an
epistemic authority. However, personal and moral judgment toward authority (as captured
by MFQ) may moderate individuals” propensity to rely on automated decision-making
in settings with moral tensions (e.g., criminal judgment) or affect users’ sensitivity when
Al systems suggest options (e.g., job interviewing). While trust in automation (TiA) and
perceptions of automated system performance (PAS) have been confirmed to be meaning-
fully associated with users’ attitudes towards errors in assistance, it appears that neither
trust in automation (TiA) nor belief in its effectiveness (PAS) significantly influences the
propensity to replace expert judgment. On the other hand, our research sheds light on the
multiple dimensions of algority as a construct and paves the way for further research on
algority as a standalone construct. These insights contribute to the theoretical discourse
on algorithmic authority and offer practical implications for designing Al systems that are
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not only trustworthy but also empower users to engage critically with algorithmic outputs
(e.g., [71]).
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