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Abstract: Organizations are interested in finding new and more effective ways to promote the
well-being of their workers, to help their workers manage work-related stress. New technologies
(e.g., smartphones) are cheaper, allow more workers to be reached, and guarantee their anonymity.
However, not all employees agree on the use of new technological interventions for the promotion
of well-being. Consequently, organizations need to investigate technological acceptance before
introducing these tools. By considering the technology acceptance model (TAM) framework, we
investigate both the influence of workers’ perceived usefulness and ease of use on their intentions
to use apps that help them managing work stress. Moreover, we contribute to the extension of this
model by considering both personal (i.e., self-efficacy, personal innovativeness) and organizational
(i.e., organizational support for innovation) variables. Our research involved 251 participants who
completed an online self-report questionnaire. The results confirm the central hypothesis of the TAM
and the influence of other variables that could influence acceptance of new technologies, such as apps
that help manage work stress, and the intentions to use them. These results could help organizations
ensure technological acceptance and usage by their workers, increasing the effectiveness of new
technologies and interventions to promote well-being.

Keywords: smartphone-based interventions; technology acceptance; well-being promotion interven-
tions; new technologies; stress management interventions

1. Introduction

Work-related stress could lead to the onset of several psychophysical conditions
(e.g., anxiety, depression, cardiovascular, and gastric disease), leading to an increase in
sick days, a higher turnover rate, and loss of productivity and satisfaction [1–4]. Thus,
organization should prioritize interventions to decrease such symptoms [5]. Unfortunately,
not all companies have adequate economic/human resources to develop appropriate
stress prevention and management interventions. In recent decades, there has been an
increase in research studies on alternative ways to deliver such interventions. In particular,
there has been a shift from traditional (face-to-face) interventions to technology-mediated
interventions [6]. Smartphones, due to their characteristics, are good at delivering these
interventions. Smartphones allow continuous, non-intrusive monitoring of participants,
reach more people, guarantee their anonymity, and tailor interventions based on individual
characteristics and needs [6,7]. Mobile apps that monitor mental health have potential
in managing burnout, stress, depression, and anxiety [8–11]. However, despite some
promising results, there is little evidence on smartphone-based interventions [7].

Therefore, before introducing new technologies into the workplace, it is crucial to
investigate the acceptance of these new technologies from employees. In particular, the tech-
nology acceptance model (TAM) [12] allows us to explore the perceived usefulness/ease of
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use and the intentions of employees in using these technologies. Subsequent revisions of
this model have shown that other external variables (e.g., social norms, facilitating condi-
tions, perceived enjoyment) could help in understanding the acceptance of technology and,
in turn, its use [13,14].

This study contributes to the research regarding the acceptance of new technology; we
investigated the intentions of employees using smartphone apps for stress management.
Specifically, we examined the direct and indirect effects of personal (technology-specific
self-efficacy and personal innovation) and organizational (organizational support for inno-
vation) variables on the TAM dimensions (perceived usefulness, perceived ease of use, and
intention to use).

The paper is organized as follows: the following paragraphs describe traditional and
technology-based well-being promotion and stress management interventions, as well
as the technology acceptance model, which represents the theoretical framework of the
present study. The second section presents the empirical study. The third section presents
the results. The fourth section presents the discussion of the results, considering previous
scientific literature and new insight linked to the research context. We conclude with
practical implications and limitations of the study.

1.1. Well-Being Promotion and Stress Management Interventions

Work-related stress is typically linked to the onset of psychophysical symptoms, such
as depression, anxiety, cardiovascular disorders, gastrointestinal disorders, and sleep distur-
bances. These disorders, especially when they become chronic, lead to a series of adverse
outcomes (for the individual and the organization), such as reduced productivity and per-
formance, increased absenteeism, sick leave, a higher turnover rate, and reduced worker
satisfaction and well-being [2,3,15–17]. However, the workplace is not only a place where
employees encounter risk factors, but also an optimal setting for intervention measures to
prevent stress-related health problems and promote health and well-being [17–19].

Still, research shows that such interventions are often ineffective, or the effect is min-
imal [7]. For this reason, researchers and companies are searching for new approaches
to promote health and well-being at work [7]. New technologies are spreading rapidly
in the workplace [20], bringing both benefits (e.g., improved sharing of knowledge, ease
of communication) and adverse effects (e.g., information overload, invasion of personal
boundaries, technostress) [21,22]. New technologies (regarding health promotion strate-
gies) have allowed researchers, organizations, and professionals to intervene. We have seen
a shift from traditional (face-to-face) to technology-mediated interventions (digital inter-
ventions) [6]. Workplace use a broad range of digital health interventions (to help manage
mental and physical health), including websites, computer programs, smartphone applica-
tions, and others [23]. In particular, mobile health (m-health) can be defined as “medical
and public health practice supported by mobile devices, such as mobile phones, patient
monitoring devices, personal digital assistants (PDAs), and other wireless devices” [24]
(p. 6). Interventions that could be delivered and designed using mobile technologies
have increased in recent years [25]. The smartphone allows researchers to integrate stress
management interventions in individuals’ daily lives, providing unobtrusive monitoring
of their activities, delivering interventions at the right moment [26].

Furthermore, smartphone-based applications may help motivate people to adopt
lifestyle changes and healthy behaviors [18]. Web and mobile apps for monitoring mental
health have displayed potential for managing burnout, stress, anxiety management, and
education [21–24]. However, there is little evidence on digital mental health interventions
in the workplace [7,27]. The literature underlines some barriers to the effective implemen-
tation and effectiveness of mobile-based interventions in the workplace, such as a high
turnover rate due to low employees’ engagement with these interventions [28,29].

One strategy to prevent non-participation from employees in digital mental health
interventions, specifically programs that utilize new technologies via smartphone apps, is
to investigate the employee acceptance of such technologies. It, therefore, appears crucial
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to understand that technology acceptance is necessary for the effective implementation of
technologies in the organization.

1.2. Technology Acceptance Model

The technology acceptance model was previously developed [12] to understand the
underlying reason for using technologies. The TAM is based on a consolidated theoretical
model, explicitly inspired by the theory of reasoned action (TRA) [30,31]. The TAM is
composed of three principal dimensions: perceived usefulness (PU), perceived ease of use
(PEOU), and behavioral intention to use (INT).

PU is defined as the belief that using technology may bring advantages and benefits.
On the other hand, PEOU is conceptualized by the belief that such technology is easy to
use and requires minimal effort. Finally, INT is defined as the likelihood that a person
will use such technology [32]. Originally, TAM included attitude as an antecedent of INT,
but it was eliminated in order to lighten the model [33,34]. In summary, the model states
that PU and PEOU are the perceptions that can result in acceptance. Furthermore, the
TAM states that ease of use can influence the perception of usefulness. This is because,
given the same features and functions, the easier a technology is to use, the more useful
it will be perceived [35]. The TAM has been widely used as a theoretical model for user
acceptance in different contexts/types of technologies [36–38]. In particular, it is consid-
ered a parsimonious theoretical model that explains informational technology adoption
by users [38,39]. However, it has been modified to consider external factors that could
influence the user’s acceptance in several work contexts [38]. Indeed, some theoretical
extensions have been developed (e.g., TAM2 [40], TAM3 [41], UTAUT [42], UTAUT 2 [43]).
A common aspect of these revisions relies on the consideration that other variables (i.e.,
personal and organizational features), besides PU and PEOU, may influence the acceptance
and intention to use a given technology [44], even if PU seems to be one of the most relevant
predictors of INT [12].

1.3. Different Ways to Perceive: The Influence of Individual and Contextual Resources

We should note that both perception of usefulness and ease of use are not simply
shaped by usefulness and ease, per se, but are also determined by the user’s psychological
traits [45]. Individual differences concern the dissimilarities among people, including
perceptions, behaviors, personality traits, and characteristics [46]. Such individual dif-
ferences are crucial when studying the variables that influence one’s acceptance of new
technology [47]. However, it is not clear enough how these individual differences influence
acceptance in the work context, given the companies’ difficulty to manage such differences
in this field. A previous study [45] showed that, among the variables that could be taken
into account, self-efficacy and personal innovation are particularly influential in accepting
technology. Furthermore, gender and age may influence the determinant of technology
acceptance [48].

1.3.1. Individual Differences

General self-efficacy is defined as a person’s belief in his or her capacity to complete a
given task [49]. By considering the technology field, computer self-efficacy refers to ‘the
judgment of one’s capability to use a computer’ [50] (p. 192). This type of technology-
specific self-efficacy has been adapted to different contexts, such as smartphones [51,52].
Previous studies have confirmed the positive relationship between technology-specific
self-efficacy and TAM dimensions [37,53–57]. The results illustrate that technology-specific
self-efficacy has an important effect, both direct and indirect, on the intention to use
the system. In particular, through the PEOU mediating effect, computer self-efficacy
substantially affects the intention to use technology [37]. Another study by [57] showed
a direct impact of computer self-efficacy on student intentions to use a virtual classroom.
For this reason, the self-efficacy variable should be included for better comprehension of
technology acceptance. However, despite such evidence, some studies, i.e., [56,58], found
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that, contrary to their assumption, computer self-efficacy did not influence the perceived
ease of use. These conflicting results led us to believe that the role of technology-specific
self-efficacy needs further investigation.

On the other hand, personal innovativeness in information technology (PIIT) is a
personality trait that expresses ‘an individual’s willingness to try any new computer
technology’ [47] (p. 206). It represents a different concept from a more global formulation
of the construct of innovativeness [59]. The degree of personal innovativeness, both in
general and in its declination towards technology, seems to be robustly related to TAM
constructs. Indeed, several studies related this variable to intention to use [60,61]. A recent
paper by [62] showed that personal innovation directly impacts intention to use. Their
results are in line with what has been theorized by [47] and [63].

1.3.2. Organizational Variables

Considering only individual variables in technology acceptance could result in ne-
glecting various elements (e.g., organizational factors), which could facilitate or hinder
individual attitudes towards innovation. Indeed, the literature states that employee inno-
vation adoption could also rely on organizational aspects [38,64–66]. In particular, the idea
that some organizational factors can foster technology acceptance was already considered
in the TAM model’s first formulations and finds support in other studies, also conducted
through qualitative methodologies [32,66–68]. Therefore, it is necessary to consider such
factors to ensure the effective introduction of change in the company [66]. For example,
organizational support for innovation (OSI), namely ‘the expectation, approval, and practi-
cal support of attempts to introduce new and improved ways of doing things in the work
environment’ [69] (p. 28), seems to be a key factor that can facilitate the adoption of new
technologies [38]. Indeed, some studies found significant relationships among OSI and
the usefulness/ease of use of technology [69–72], as well as intention to use [73]. On the
contrary, a lack of organizational support can undermine the company’s efforts to introduce
new technology [38,74]. Moreover, a study on technology-enhanced learning underlined
the responsibility from managers to offer support and the intention to use technology
through perceived ease of use and usefulness.

1.4. Study Hypotheses

Based on the consideration presented above, we aimed to confirm the validity of
the TAM within a sample of workers in northern Italy, regarding the intention to use an
app that promotes well-being and work-related stress management. Furthermore, we
investigated the factors that may influence the perception of ease and usefulness of this
app: specifically, we considered both individual factors (i.e., smartphone self-efficacy and
personal innovation for technology) and contextual factors, such as organizational support
for innovation. The hypotheses of the study are as follows:

Hypothesis H1. Perceived usefulness (a) and perceived ease of use (b) are significantly associated
with the intention to use a smartphone app for work-related stress management. Moreover, perceived
ease of use (c) will directly impact perceived usefulness.

Hypothesis H2. Personal innovativeness with technology is significantly associated with the
intention to use a smartphone app for work-related stress management.

Hypothesis H3. Smartphone self-efficacy is significantly associated with the intention to use a
smartphone app for work-related stress management, directly (a) and indirectly, via perceived ease
of use (b) and through perceived ease of use and perceived usefulness, in series (c).

Hypothesis H4. Organizational support for innovation is significantly associated with the in-
tention to use a smartphone app for work-related stress management, directly (a) and indirectly
via perceived ease of use (b), via perceived usefulness (c), and through perceived ease of use and
perceived usefulness, in series (d).
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These hypotheses gave rise to the structural model depicted in Figure 1.
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2. Materials and Methods
2.1. Participants and Procedure

Data collection was carried out in July 2020, at three Italian companies in northern
Italy. All participants were white-collar workers.

Each HR department sent an e-mail to the employees to inform them about the
possibility of participating in this study. This e-mail specified that participation in the
research was voluntary; the University of Milan-Bicocca entirely managed the study, and
that the company would not possess the answers given by the workers. After eight days,
a second e-mail was sent to workers, reminding them about the possibility of participating
in the study.

Before filling in the questionnaire, participants had to read the informed consent
documents and indicate whether they consented to participate in the research voluntarily.
Informed consent allowed participants to gather information about the study’s objectives
and the data collection procedure, and it guaranteed that there would be no associated
risks or costs. The research team ensured participants that their data would be used in
an aggregated, non-individual manner, to ensure the confidentiality and anonymity. The
data collection was conducted in conformity with the ethical standards established by the
Declaration of Helsinki and was authorized by the Ethical Committee of the University
of Milano-Bicocca (Prot. N. RM-2020-312). Finally, the researchers’ contact details were
provided in order to allow participants to contact them to clear up any concerns. In total,
251 responses (11.20% response rate) were included in our dataset. Among them, 61% were
female, and 39% male; the mean age was 39.89 years (SD = 9.45).

A total of 20.7% have a high school diploma; 54.2% have a bachelor’s or master’s
degree; 23.1% have a higher educational level, and only 2% have a different or lower
study level. The mean level of seniority on the job was 15.19 years (SD = 9.54). Regarding
health status, 6.4% reported suffering from chronic psychophysical health conditions (e.g.,
panic attacks, psychosomatic symptoms, chronic headaches, etc.). Concerning previous
experience with smartphones, almost all participants (99.4%) were familiar with using a
smartphone, and 15.4% had used a stress management or well-being promotion app in
the past.
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A detailed description of an existing app was presented to ensure that the workers
understood the definition of a smartphone app for well-being and stress management,
without applying any exclusion criteria concerning previous experience with such apps.
This description also encompassed some images, as well as a text explanation of app func-
tionalities. This app provided several functions: daily mood tracking, numerous courses
with expert figures who introduced the users to the world of meditation and different
thought processing techniques, access to various coping strategies to manage stressful situ-
ations, and weekly monitoring of stress levels, depression, anxiety, and resilience through
objective and clinically validated scores. The app also quantified user progress over time
and provided a community to share personal stories and chat with other users, to share
moods and thoughts.

2.2. Measures

The TAM dimension of perceived ease of use was assessed through three items (e.g.,
“It will be easy to use the app”), perceived usefulness was measured with four items (e.g.,
“The presented app could help me improve my work-related well-being”), and intention
to use was measured through two items (e.g., “I would like to try the presented app”).
The items were assessed through a Likert scale from 1 = strongly disagree to 5 = strongly
agree. The items were all taken from previous studies [32,75]. Personal innovativeness with
technology was assessed via the personal innovativeness with informational technologies
(PIIT) four-item scale [76] (e.g., “If I heard about new information technology, I would
look for ways to experiment with it”). Respondents were asked to indicate how strong
they disagree or agree with the presented statement using a seven-point scale (1 = strongly
disagree; 7 = strongly agree).

Computer self-efficacy was evaluated through eight items taken from the computer
self-efficacy scale (CSES) [50], assessed on a 10-point scale (1 = not at all confident;
10 = totally confident). The scale was adapted to smartphones, the technology used
in our research (e.g., “I could utilize a smartphone app as the one presented... if I had seen
someone else using it before trying it myself”).

TAM measures, PIIT, and CSE items were all translated into Italian using back-
translation techniques [77].

Organizational support for innovation was investigated through an eight-item scale [78]
(e.g., “This organization is open and responsive to change”), validated in Italian [79]. Re-
sponses were on a five-point scale from 1 = strongly disagree to 5 = strongly agree.

2.3. Data Analysis

We initially performed descriptive statistics, Pearson correlations, and Cronbach’s
alpha coefficients using SPSS 27 (IBM, Armonk, NY, USA). The objective was to observe the
sample characteristics, the correlations between variables, and the scale reliability. To test
our hypotheses, we performed a full structural equation model (SEM) using Mplus version
7 (Muthén & Muthén, Los Angeles, CA, USA). The model included both the simultaneous
indirect effect of the organizational support and the perception of specific self-efficacy on
the intention to use a smartphone app, via the perception of its ease of use and usefulness,
and the direct effect of personal innovation on the intention to use it. Moreover, we added
the effect of gender and age on the technology acceptance variables. Gender and age
were intensively investigated as some of the main demographic variables related to ICT
adoption [48], although not included in the original formulation of the TAM [80,81]. For
example, some studies underline that effort expectation (perceived ease of use) is the
strongest predictor for women, and performance expectation (perceived usefulness) is the
strongest predictor for men [82]. Older people tend to be change-resistant; thus it is more
challenging for them to learn and use [83]. However, past studies on the effect of gender
and age on behavioral intention, in various contexts and applications, have shown mixed
results [84] that need further investigation. Maximum likelihood was employed as the
estimation method. To assess the model goodness-of-fit, we used the statistic criteria listed
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below: the non-significant χ2 value (this statistic suggests that if χ2 is non-significant, the
model fits the data); root mean squared error of approximation (RMSEA; values smaller
than 0.08 indicated an acceptable fit); the comparative fit index (CFI) and the Tucker–Lewis
index (TLI; values between 0.90 and 0.95 showed an acceptable fit); the standardized root
mean square residual (SRMR; values smaller than 0.08 indicated a proper fit). Through
bootstrapping procedures, it is possible to perform repeated subsample simulations from
an original dataset. For this reason, the bootstrapping method was conducted to assess the
significance of the hypothesized indirect effects.

3. Results
3.1. Descriptive Statistics

Study variables included standard deviations, correlations, and Cronbach’s alpha
values; presented in Table 1.

Table 1. Descriptive Statistics.

Variables 1 2 3 4 5 6 7 9

1. Perceived Usefulness (0.91)
2. Perceived Ease Of Use 0.46 ** (0.92)
3. Intention to use 0.72 ** 0.50 ** (0.86)
4. Specific Self-Efficacy 0.16 * 0.40 ** 0.16 * (0.94)
5. Organizational Support for Innovation 0.30 ** 0.36 ** 0.32 ** 0.19 ** (0.93)
6. Personal Innovativeness with Technology 0.1 * 0.26 ** 0.22 ** 0.25 ** 0.21 ** (0.83)
7. Gender −0.05 0.02 0.07 −0.08 0.004 −0.19 ** –
8. Age 0.09 −0.13 * −0.14 * 0.05 0.01 −0.11 −0.16 * –

M 2.81 3.61 2.96 51.17 2.19 4.98 0.61 39.90
DS 0.73 0.69 0.81 16.60 0.77 1.27 0.49 9.45

Note: Cronbach’s on the diagonal. ** p < 0.01; * p < 0.05. Gender: male = 0, female = 1.

All significant relationships between the variables were in the direction suggested by
the previous literature.

In particular, intention to use positively correlated with perceived usefulness (r = 0.722 **,
p < 0.01) and perceived ease of use (r = 0.502 **, p < 0.01). Moreover, age was negatively
and significantly correlated with perceived ease of use (age: r = −0.130, p < 0.05) and with
the intention to use (r = −0.140, p < 0.05). On the other hand, gender did not show any
significant correlation with the TAM variables. Except for the dimensions of the technology
acceptance model, it should be noted that the values of the correlation coefficients varied
from moderate (|0.30| < r< |0.49|) to low (r < |0.29|), indicating, respectively, medium
and low correlations among variables [85]. All scales presented good reliability, assessed
via Cronbach’s alpha: the values were higher than 0.80, the generally accepted standard [86]
(see Table 1).

3.2. SEM Analyses

The hypothesized model (M1) fit was barely adequate (χ2 (417) 819.659, p < 0.00,
CFI = 0.93, TLI = 0.92, RMSEA = 0.06 (90% CI 0.06, 0.07), SRMR = 0.06. After M1 modifica-
tion indices review, the following model, (M2), depicted in Figure 2, showed an increase
in model fit (χ2 (413) = 717.63, p < 0.001, CFI = 0.95, TLI = 0.94, RMSEA = 0.05 (90% CI
0.05, 0.06), SRMR = 0.05. Specifically, correlations were added between errors items of the
self-efficacy (CSES5 with CSES6; CSES4 with CSES3) and organizational support scales
(OSI1 with OSI2; OSI7 with OSI6).

After checking the goodness of fit indices of the models, we compared the two models
through the delta chi-squared test. The results are indicated in Table 2 and point to model
2 as the final model. Consistently, M2 showed well-defined factor loading for all of the
observed variables. The model accounted for 49% (R2 = 0.49) of the variance in intention to
use. Moreover, the model accounted for 24% (R2 = 0.24) and 20% (R2 = 0.20) of the variance,
respectively, in perceived usefulness and perceived ease of use.
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Table 2. Model Indices.

Models χ2 df CFI TLI RMSEA SRMR AIC Comparison ∆χ2

M1 819.66 *** 417 0.93 0.92 0.06 (0.06, 0.07) 0.06 18,882.91
M2 717.63 *** 412 0.95 0.94 0.05 (0.05 0.06) 0.05 18,788.87 M1 −M2 102.03 ***

Note: *** p < 0.001.

Our model results, coherent with H1, confirmed the direct effect of perceived useful-
ness (H1a) and perceived ease of use (H1b) on intention to use, and the direct effect of
perceived ease of use on perceived usefulness (H1c).

Our results supported the direct effect of personal innovativeness with technology on
intention to use (H2), but they did not support the direct effect of smartphone self-efficacy
(H3a) and organizational support (H4a) on intention to use. However, the results supported
H3b that is, the indirect effect of smartphone self-efficacy on intention to use went through
perceived ease of use (β = 0.05, p < 0.043) and confirmed the indirect effect of smartphone
self-efficacy on intention to use via perceived ease of use and perceived usefulness, in series
(H3c; β = 0.07, p < 0.001).

Moreover, we confirmed the indirect effect of organizational support on intention
to use through perceived usefulness (H4c; β = 0.120, p < 0.004), and through perceived
ease of use and usefulness, in series (H4d; β = 0.04, p < 0. 009), while the indirect effect of
organizational support on intention to use via perceived ease of use was not significant
(H4b; β = 0.03, p < 0. 074). Finally, by considering gender and age, only the latter showed
a significant negative effect on the intention to use (β = −0.03, p < 0. 000). Table 3 shows
all the indirect effects assessed via the bootstrapping method. In Figure 2, we present the
direct effects.
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Table 3. Bootstrapping indirect effects.

Indirect Effects
Org Support → Intention Est. SE p CI 95%

ORG SUP→ PU→ INT 0.12 0.04 0.005 (0.04, 0.20)
ORG SUP→ PEOU→ INT 0.03 0.02 0.074 (−0.03, 0.07)

ORG SUP→ PEOU→ PU→ INT 0.04 0.02 0.009 (0.01, 0.07)

Indirect Effects
Smartphone Self-Efficacy → Intention Est. SE p CI 95%

SSE→ PEOU→ INT 0.05 0.03 0.043 (0.02, 0.10)
SSE→ PEOU→ PU→ INT 0.07 0.02 0.001 (0.03, 0.11)

Note: all parameter estimates are presented as standardized coefficients. Estimates (Est.). Standard Error (SE).
Confidence interval (CI). Organizational Support for Innovation (ORG SUP). Perceived Usefulness (PU). Perceived
Ease of Use (PEOU). Intention to Use (INT). Smartphone self-efficacy (SSE).

4. Discussion

This study aimed to deepen our knowledge of which factors may affect acceptance
of new technologies; it advises on how to promote innovation implementation and the
effectiveness of digital prevention and promotion projects. Indeed, understanding user
perceptions towards the intention of using new technology, such as a smartphone app
for stress management and well-being promotion, could facilitate implementation and
participation in such digital interventions.

Our study results show that both personal and contextual variables influence one’s
intention to use a smartphone app for stress management and well-being promotion,
providing valuable insight into the role of personal innovativeness with technology, smart-
phone self-efficacy, and perceived organizational support for innovation.

Our first hypothesis concerns the impact of the dimensions of perceived ease of use
(H1a) and perceived usefulness (H1b) on one’s intention to use a smartphone app for stress
management and well-being promotion and the direct relationship of perceived ease on
perceived usefulness (H1c). The study results confirm our hypothesis, in line with the
theories and findings of previous studies [12,35,48,66]. Indeed, as explained by the TAM,
both the perception of ease of use and usefulness directly impact the intention to use. It
is interesting to note that, in our results, and similar to the first Davis studies [12,32], the
perception of usefulness has a more significant impact on intention to use than ease of
use, although the latter also has a considerable influence. This suggests that it could be
beneficial for an organization to underline the advantages of new technology, clarifying
the benefits for employers. This assumption is valid, both when the proposed technology
is intended to support workers in performing their work tasks, and when the introduced
technology may be used as a tool to deliver interventions, for the prevention and promotion
of employees’ health and well-being.

Regarding the antecedent role, i.e., ease of use on perceived usefulness (H1c), our
results align with those shown by others [12,35]. We can hypothesize that the easier a tool is
perceived, the more users imagine they have more time and resources to achieve their goals,
consequently increasing the perceived usefulness of such a tool. This can be explained
by imagining that users are driven to use a tool (in this case, a smartphone app) because
of its usefulness (i.e., the possibility of one managing work-related stress and improving
well-being), and secondly, by its ease of use. Hence, it is important that the app designer
(or the technology designer) also consider the ease of use of the technology, particularly if
it is to be introduced in an organizational context and for performing specific tasks.

In order to not neglect personal factors that could influence the perception of ease of
use, usefulness, and the intention to use the smartphone app, we investigated the effect of
some personal variables, such as personal innovation (H2) and specific self-efficacy (H3),
which were shown in the literature to have a significant impact on the TAM dimensions [45].

Therefore, our second hypothesis refers to the direct impact of personal innovativeness
with technology, using a smartphone app for stress management and well-being promotion
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(H2). Personal innovation with technology (i.e., an individual’s willingness to try new
technology) [47] appears to be a key personal variable in explaining the intention to use
new technology. The study results confirm our hypothesis and are in line with previous
literature. Indeed, previous results [60,62,86] indicate that personal innovativeness might
increase one’s intention to use a new technological tool. The reason might be that personal
innovation is linked to the desire to learn how to use new tools and to experiment. In our
case, participants with a higher level of innovativeness could be prompted to try a new
technological tool (i.e., a smartphone app) to manage their stress levels and manage their
well-being.

Our third hypothesis is related to the direct effect of smartphone self-efficacy on
intention to use (H3a). Contrary to the results showed by [57], we do not confirm the
direct effect of self-efficacy on intention to use. However, we show the indirect effect
of smartphone self-efficacy on intention to use through perceived ease of use (H3b), the
serial mediation of perceived ease of use, and perceived usefulness (H3c). Our results
may indicate that it is not enough for workers to feel competent in using a smartphone
to be willing to use an app for promoting well-being and managing stress. Instead, our
findings underline that the more individuals perceive themselves as capable of using a
technological tool, the less effort they expect will be required to use it.

Moreover, as mentioned above [12,35], the less effort individuals estimate they will
have to invest, the more energy they will save and, thus, use to achieve their goals. In our
present scenario, participants who perceived themselves as more self-efficacious in using
smartphones also perceived smartphone stress management apps as easier to use and,
consequently, they were more likely to use it (H3b). This is confirmed by previous studies
e.g., [37]. Additionally, as they perceived the apps as easier to use, they also perceived
them as more useful; thus, increasing their intentions to use them if made available (H3c).

Our last hypothesis involves the relationship between perceived organizational sup-
port for innovation and the intention to use the smartphone app for stress management.
In performing our analyses, we hypothesized a direct effect of organizational support on
intention to use (H4a), the role of the mediator of perceived usefulness (H4b) and perceived
ease of use (H4c), and the serial mediation of perceived ease of use and usefulness (H4d).
The results of our analysis only confirm H4b and H4d, but do not confirm the direct relation
between perceived organizational support and intention to use (H4a) and via perceived eas-
iness of use (H4c). Therefore, only the simple indirect effect through perceived usefulness
and the serial mediation via perceived ease of use and perceived usefulness were found.
In particular, as previously stated by [12], perceived ease of use enhanced the perceived
usefulness, which in turn increased the likelihood that people intended to use such tech-
nology. We can assume that, as stated by [12], perceived usefulness is more influential on
intention to use than perceived ease of use, including in the smartphone-based app context.
However, smartphone apps are well known by people, and the ease of use, in terms of
simplicity and time saving, influences the perceived usefulness of the app in terms of
goals that can be achieved, which in turn impact the worker’s intention to use. Combined,
our results suggest that workers are interested in the technical and practical aspects of
technology and their organization’s contextual and supportive features. This shows how
significant it is for organizations to support innovations in general, and to support requests
for help in using technology, in order to enhance the perception of usefulness and ease of
use of such tools and, subsequently, the employees’ intentions to use them.

As mentioned above, gender and age are considered key determinants of technology
acceptance, as shown by various studies [48,83]. However, our results only show a negative
and significant direct effect between age and intention. These results are in line with
previous literature that underlined the role of age on intention to use new technology.
Previous studies have shown that age impacts the perceived ease of use of new technologies
and the perception of its usefulness. In particular, a study on the acceptance of virtual
reality [87] stressed that, for younger people, the perceived usefulness of technology is
more relevant.
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In contrast, for older people, who believe they have less technological skills, the
perception of ease of use had a more significant influence on their intention to use and
adopt this technology. In our case, age does not impact on the perceived usefulness or ease
of use, but on the intention to use. This could be explained by the fact that, the technology
under consideration, i.e., a smartphone app, is widespread; therefore, usage patterns and
usefulness are shared by a large segment of the population. In addition, the sample we
considered was of working age (see Table 1), and the questionnaire was disseminated via
links, so the participants had enough technical skills to complete the questionnaire via
computer or a smartphone. Intention to use could be influenced by age because, although
the use of smartphone apps to achieve different goals is quite widespread among the
population, the use of apps to promote well-being and manage stress may be concentrated
among younger people, who tend to use their smartphones more during the day and are
more familiar with app stores and installation methods [88,89].

5. Conclusions

In summary, the current study contributes to the scientific literature by deepening
the comprehension of what personal and organizational variables may influence workers’
intentions to use new technologies, such as smartphone apps for stress management and
well-being promotion. Specifically, this study underlines how the perception of self-efficacy
in the use of smartphones and personal innovativeness could positively influence the
perception of ease of use and usefulness of the technology examined and, consequently,
positively affects the intention to use it in the future. In addition, from another perspective,
the perceived organizational support for innovation contributes positively to the workers’
perceived ease of use and usefulness of new technologies, including smartphone apps.
Moreover, it increases the intention to use it for well-being promotion and stress man-
agement. From a practical point of view, these findings could offer some critical hints to
organizations and HRM.

Organizations are always looking for new approaches to managing work-related stress.
On the one hand, they are interested in saving resources, including financial resources,
which are increasingly scarce. On the other hand, employers desire to increase the number
of participants who benefit from such interventions. Indeed, the greater the number of
participants in work-related stress management and well-being promotion interventions,
the greater the benefits, both in terms of the mental and physical health if the employees,
as well as employee satisfaction and improved productivity/work performance.

Technologies could help us reach a broad number of workers at the same time. More-
over, using a smartphone for delivering stress management interventions can guarantee
worker anonymity. However, not all employees agree on the use of new technologies to
participate in well-being promotion interventions. For this reason, the organization needs
to investigate technology acceptance, in terms of perceived usefulness and ease of use,
before introducing these tools. This would help an organization decide what is beneficial;
it simplifies any introduced or planned new technology to clarify (to employees) the conve-
nience of adopting it. It is still useful for app developers to design apps, especially when
they are to be placed in working contexts, considering the dimensions of usefulness and
ease of use, making the advantages of using these apps as clear as possible, and simplifying
the various steps leading to the purpose for which the apps are proposed/introduced.

It may also be convenient to investigate some variables involved in this process, such
as those identified by this study, namely the perception of self-efficacy in using technology
(in our case, smartphones) and personal innovativeness. It can be helpful to identify people
within one’s own company that exhibit these characteristics, supporting workers who are
less innovative or less competent in the use of technology. It is also relevant to investigate
how employees perceive the organization from the point of view of organizational support
for innovation. Our findings show that a higher support perception is linked to higher
perceived usefulness and ease of use, which increases the likelihood of employees adopting
new technologies. The reason is that if employees perceive that they are in an innovation-
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oriented company, they can better appreciate the value of innovation and be more confident
that they will receive help (i.e., in learning how to use the technology). It is helpful because,
if workers have low perceptions of support, employers can work on communication plans
focused on technological innovations, their benefits, and emphasize the willingness to
support employees when introducing new tools. Finally, few studies investigated the TAM
in an Italian working context (see [90]). To the best of our knowledge, no studies have
investigated the intention to use apps for the promotion of well-being in such contexts.
Therefore, we can say that our research allowed us to test the validity of the acceptance
model in the Italian workplace context and pave the way for new research that will
facilitate the introduction of these new technologies, to ensure a higher level of well-being
for workers.

We can also identify some limitations of the current study. Firstly, the study’s design
was cross-sectional, which did not allow us to investigate the relationships between the
variables in the long-term. In addition, the sample, although adequate for the statistical
analysis carried out, was small and limited to the white-collar sector, which did not allow us
to generalize the study to a broader section of the population. Finally, the study investigated
the intention to use a hypothetical app without the possibility of examining the actual use
of such a tool.

Future directions include designing another study with a longitudinal research design
to identify causal relationships between variables, proposing a functioning app to workers
to take into account objective data related to the actual use, and extending the research
to a more significant number of participants, from different companies and covering
different roles.

Smartphones are very popular in the general population and with workers, and
smartphone apps are relatively easy to program and customize. Several people can use
them simultaneously; they can guarantee the anonymity of participants, and apps can be
used at any time. For this reason, they could be appropriate tools used to increase the
activities implemented by the organization, to promote the well-being and health of the
employees. However, to enhance the possibility of success of such a digital intervention,
it is crucial to investigate the variables that could influence the intention to use such
technologies among employees.
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13. Marangunić, N.; Granić, A. Technology acceptance model: A literature review from 1986 to 2013. Univers. Access Inf. Soc. 2015, 14,
81–95. [CrossRef]

14. Taherdoost, H. A review of technology acceptance and adoption models and theories. Procedia Manuf. 2019, 22, 960–967.
[CrossRef]

15. Hassard, J.; Teoh, K.R.H.; Visockaite, G.; Dewe, P.; Cox, T. The cost of work-related stress to society: A systematic review. J. Occup.
Health Psychol. 2018. [CrossRef] [PubMed]

16. Howarth, A.; Quesada, J.; Silva, J.; Judycki, S.; Mills, P.R. The impact of digital health interventions on health-related outcomes in
the workplace: A systematic review. Digit. Health 2018, 4, 205520761877086. [CrossRef] [PubMed]

17. Collins, D.A.J.; Harvey, S.B.; Lavender, I.; Glozier, N.; Christensen, H.; Deady, M. A pilot evaluation of a smartphone application
for workplace depression. Int. J. Environ. Res. Public Health 2020, 17, 6753. [CrossRef]

18. Melzner, J.; Heinze, J.; Fritsch, T. Mobile Health Applications in Workplace Health Promotion: An Integrated Conceptual
Adoption Framework. Procedia Technol. 2014, 16, 1374–1382. [CrossRef]

19. Park, H.S.; Kim, K.I.; Soh, J.Y.; Hyun, Y.H.; Jang, S.K.; Lee, S.; Hwang, G.Y.; Kim, H.S. Factors influencing acceptance of personal
health record apps for workplace health promotion: Cross-sectional questionnaire study. JMIR mHealth uHealth 2020, 8, 1–24.
[CrossRef] [PubMed]

20. Dunkl, A.; Jiménez, P. Using smartphone-based applications (apps) in workplace health promotion: The opinion of German and
Austrian leaders. Health Inform. J. 2017. [CrossRef]

21. Colbert, A.; Yee, N.; George, G. The digital workforce and the workplace of the future. Acad. Manag. J. 2016, 59, 731–739.
[CrossRef]

22. Reyt, J.-N.; Wiesenfeld, B.M. Seeing the Forest for the Trees: Exploratory Learning, Mobile Technology, and Knowledge Workers’
Role Integration Behaviors. Acad. Manag. J. 2015, 58, 739–762. [CrossRef]

23. De Angelis, M.; Giusino, D.; Nielsen, K.; Aboagye, E.; Christensen, M.; Innstrand, S.T.; Mazzetti, G.; van den Heuvel, M.; Sijbom,
R.B.L.; Pelzer, V.; et al. H-work project: Multilevel interventions to promote mental health in smes and public workplaces. Int. J.
Environ. Res. Public Health 2020, 17, 8035. [CrossRef] [PubMed]

24. World Health Organization mHealth: New horizons for health through mobile technologies. Observatory 2011. [CrossRef]
25. Mehrotraa, S.; Tripathib, R. Recent developments in the use of smartphone interventions for mental health. Curr. Opin. Psychiatry

2018, 31, 379–388. [CrossRef]
26. Ahtinen, A.; Mattila, E.; Välkkynen, P.; Kaipainen, K.; Vanhala, T.; Ermes, M.; Sairanen, E.; Myllymäki, T.; Lappalainen, R. Mobile

mental wellness training for stress management: Feasibility and design implications based on a one-month field study. J. Med.
Internet Res. 2013, 15. [CrossRef]

27. Balk-Møller, N.C.; Poulsen, S.K.; Larsen, T.M. Effect of a nine-month web- and app-based workplace intervention to promote
healthy lifestyle and weight loss for employees in the social welfare and health care sector: A randomized controlled trial. J. Med.
Internet Res. 2017, 19. [CrossRef] [PubMed]

28. Yardley, L.; Spring, B.J.; Riper, H.; Morrison, L.G.; Crane, D.H.; Curtis, K.; Merchant, G.C.; Naughton, F.; Blandford, A.
Understanding and Promoting Effective Engagement With Digital Behavior Change Interventions. Am. J. Prev. Med. 2016.
[CrossRef] [PubMed]

http://doi.org/10.1186/s12889-020-08698-2
http://doi.org/10.1539/joh.16-0227-RA
http://doi.org/10.2196/mhealth.6335
http://www.ncbi.nlm.nih.gov/pubmed/29592846
http://doi.org/10.1177/1460458217738121
http://www.ncbi.nlm.nih.gov/pubmed/29113522
http://doi.org/10.1089/cyber.2014.0062
http://www.ncbi.nlm.nih.gov/pubmed/25584730
http://doi.org/10.2196/jmir.9058
http://www.ncbi.nlm.nih.gov/pubmed/30341045
http://doi.org/10.2196/11661
http://www.ncbi.nlm.nih.gov/pubmed/30514694
http://doi.org/10.2307/249008
http://doi.org/10.1007/s10209-014-0348-1
http://doi.org/10.1016/j.promfg.2018.03.137
http://doi.org/10.1037/ocp0000069
http://www.ncbi.nlm.nih.gov/pubmed/28358567
http://doi.org/10.1177/2055207618770861
http://www.ncbi.nlm.nih.gov/pubmed/29942631
http://doi.org/10.3390/ijerph17186753
http://doi.org/10.1016/j.protcy.2014.10.155
http://doi.org/10.2196/16723
http://www.ncbi.nlm.nih.gov/pubmed/32496202
http://doi.org/10.1177/1460458215623077
http://doi.org/10.5465/amj.2016.4003
http://doi.org/10.5465/amj.2013.0991
http://doi.org/10.3390/ijerph17218035
http://www.ncbi.nlm.nih.gov/pubmed/33142745
http://doi.org/10.4258/hir.2012.18.3.231
http://doi.org/10.1097/YCO.0000000000000439
http://doi.org/10.2196/mhealth.2596
http://doi.org/10.2196/jmir.6196
http://www.ncbi.nlm.nih.gov/pubmed/28396303
http://doi.org/10.1016/j.amepre.2016.06.015
http://www.ncbi.nlm.nih.gov/pubmed/27745683


Int. J. Environ. Res. Public Health 2021, 18, 9366 14 of 16

29. Bidargaddi, N.; Almirall, D.; Murphy, S.; Nahum-Shani, I.; Kovalcik, M.; Pituch, T.; Maaieh, H.; Strecher, V. To prompt or not to
prompt? A microrandomized trial of time-varying push notifications to increase proximal engagement with a mobile health app.
JMIR mHealth uHealth 2018, 6, e10123. [CrossRef] [PubMed]

30. Fishbein, M.; Ajzen, I. Chapter 1. Belief, Attitude, Intention, and Behavior: An Introduction to Theory and Research; Addison-Wesley:
Reading, MA, USA, 1975.

31. Fishbein, M. Attitude and the prediction of behaviour. In Readings Attitude Theory Measurement; Wiley: New York, NY, USA, 1967.
32. Davis, F.D.; Bagozzi, R.P.; Warshaw, P.R. User Acceptance of Computer Technology: A Comparison of Two Theoretical Mode.

Manag. Sci. 1989, 35, 982–1003. [CrossRef]
33. Sánchez-Prieto, J.C.; Olmos-Migueláñez, S.; García-Peñalvo, F.J. Informal tools in formal contexts: Development of a model to

assess the acceptance of mobile technologies among teachers. Comput. Hum. Behav. 2016, 55, 519–528. [CrossRef]
34. Gupta, S.; Sahu, G.P. An Extended Tam Model to Explain the Adoption of Payment Banks in India. In Proceedings of the IFIP

Advances in Information and Communication Technology; Springer Nature: Cham, Switzerland, 2020; Volume 618, pp. 91–102.
35. Venkatesh, V. Determinants of Perceived Ease of Use: Integrating Control, Intrinsic Motivation, and Emotion into the Technology

Acceptance Model. Inf. Syst. Res. 2000, 11, 342–365. [CrossRef]
36. Yoon, H.Y. User Acceptance of Mobile Library Applications in Academic Libraries: An Application of the Technology Acceptance

Model. J. Acad. Librariansh. 2016, 42, 687–693. [CrossRef]
37. Ariff, M.S.M.; Yeow, S.M.; Zakuan, N.; Jusoh, A.; Bahari, A.Z. The Effects of Computer Self-Efficacy and Technology Acceptance

Model on Behavioral Intention in Internet Banking Systems. Procedia Soc. Behav. Sci. 2012, 57, 448–452. [CrossRef]
38. Park, K.; Park, N.; Heo, W. Factors Influencing Intranet Acceptance in Restaurant Industry: Use of Technology Acceptance Model.

Int. Bus. Res. 2018, 11, 1. [CrossRef]
39. Mlekus, L.; Bentler, D.; Paruzel, A.; Kato-Beiderwieden, A.L.; Maier, G.W. How to raise technology acceptance: User experience

characteristics as technology-inherent determinants. Grup. Interaktion. Organ. Z. Angew. Organ. 2020, 51, 273–283. [CrossRef]
40. Venkatesh, V.; Davis, F.D. Theoretical extension of the Technology Acceptance Model: Four longitudinal field studies. Manag. Sci.

2000, 46, 186–204. [CrossRef]
41. Venkatesh, V.; Bala, H. Technology acceptance model 3 and a research agenda on interventions. Decis. Sci. 2008, 39, 273–315.

[CrossRef]
42. Venkatesh, V.; Morris, M.G.; Davis, G.B.; Davis, F.D. User acceptance of information technology: Toward a unified view. MIS Q.

Manag. Inf. Syst. 2003, 27. [CrossRef]
43. Venkatesh, V.; Thong, J.Y.L.; Xu, X. Consumer acceptance and use of information technology: Extending the unified theory of

acceptance and use of technology. MIS Q. Manag. Inf. Syst. 2012, 36. [CrossRef]
44. Svendsen, G.B.; Johnsen, J.A.K.; Almås-Sørensen, L.; Vittersø, J. Personality and technology acceptance: The influence of

personality factors on the core constructs of the Technology Acceptance Model. Behav. Inf. Technol. 2013, 32, 323–334. [CrossRef]
45. Park, S.; O’Brien, M.A.; Caine, K.E.; Rogers, W.A.; Fisk, A.D.; Van Ittersum, K.; Capar, M.; Parsons, L.J. Acceptance of computer

technology: Understanding the user and the organizational characteristics. Proc. Hum. Factors Ergon. Soc. 2006, 1478–1482.
[CrossRef]

46. Stylianou, A.C.; Jackson, P.J. A comparative examination of individual differences and beliefs on technology usage: Gauging the
role of it. J. Comput. Inf. Syst. 2007, 47. [CrossRef]

47. Agarwal, R.; Prasad, J. A Conceptual and Operational Definition of Personal Innovativeness in the Domain of Information
Technology. Inf. Syst. Res. 1998, 9. [CrossRef]

48. Nunes, A.; Limpo, T.; Castro, S.L. Acceptance of Mobile Health Applications: Examining Key Determinants and Moderators.
Front. Psychol. 2019, 10, 1–9. [CrossRef] [PubMed]

49. Bandura, A. Social Foundations of Thought and Action. In The Health Psychology Reader; SAGE Publications Ltd.: New York, NY,
USA, 2012.

50. Compeau, D.R.; Higgins, C.A. Computer self-efficacy: Development of a measure and initial test. MIS Q. Manag. Inf. Syst.
1995, 19. [CrossRef]

51. Jeon, E.; Park, H.A. Factors affecting acceptance of smartphone application for management of obesity. Healthc. Inform. Res.
2015, 21. [CrossRef] [PubMed]

52. Moon, B.C.; Chang, H. Technology acceptance and adoption of innovative smartphone uses among hospital employees. Healthc.
Inform. Res. 2014, 20, 304–312. [CrossRef]

53. Park, N.; Rhoads, M.; Hou, J.; Lee, K.M. Understanding the acceptance of teleconferencing systems among employees: An
extension of the technology acceptance model. Comput. Human Behav. 2014, 39, 118–127. [CrossRef]

54. Zhang, X.; Han, X.; Dang, Y.; Meng, F.; Guo, X.; Lin, J. User acceptance of mobile health services from users’ perspectives: The
role of self-efficacy and response-efficacy in technology acceptance. Inform. Health Soc. Care 2017, 42, 194–206. [CrossRef]

55. Revythi, A.; Tselios, N. Extension of Technology Acceptance Model by using System Usability Scale to assess behavioral intention
to use e-learning. arXiv 2017, arXiv:1704.06127. [CrossRef]

56. Zainab, B.; Awais Bhatti, M.; Alshagawi, M. Factors affecting e-training adoption: An examination of perceived cost, computer
self-efficacy and the technology acceptance model. Behav. Inf. Technol. 2017, 36, 1261–1273. [CrossRef]

57. Padilla-Meléndez, A.; Garrido-Moreno, A.; Del Aguila-Obra, A.R. Factors affecting e-collaboration technology use among
management students. Comput. Educ. 2008, 51. [CrossRef]

http://doi.org/10.2196/10123
http://www.ncbi.nlm.nih.gov/pubmed/30497999
http://doi.org/10.1287/mnsc.35.8.982
http://doi.org/10.1016/j.chb.2015.07.002
http://doi.org/10.1287/isre.11.4.342.11872
http://doi.org/10.1016/j.acalib.2016.08.003
http://doi.org/10.1016/j.sbspro.2012.09.1210
http://doi.org/10.5539/ibr.v11n10p1
http://doi.org/10.1007/s11612-020-00529-7
http://doi.org/10.1287/mnsc.46.2.186.11926
http://doi.org/10.1111/j.1540-5915.2008.00192.x
http://doi.org/10.2307/30036540
http://doi.org/10.2307/41410412
http://doi.org/10.1080/0144929X.2011.553740
http://doi.org/10.1177/154193120605001504
http://doi.org/10.1080/08874417.2007.11645976
http://doi.org/10.1287/isre.9.2.204
http://doi.org/10.3389/fpsyg.2019.02791
http://www.ncbi.nlm.nih.gov/pubmed/31920836
http://doi.org/10.2307/249688
http://doi.org/10.4258/hir.2015.21.2.74
http://www.ncbi.nlm.nih.gov/pubmed/25995959
http://doi.org/10.4258/hir.2014.20.4.304
http://doi.org/10.1016/j.chb.2014.05.048
http://doi.org/10.1080/17538157.2016.1200053
http://doi.org/10.1007/s10639-019-09869-4
http://doi.org/10.1080/0144929X.2017.1380703
http://doi.org/10.1016/j.compedu.2007.06.013


Int. J. Environ. Res. Public Health 2021, 18, 9366 15 of 16

58. Purnomo, S.H.; Lee, Y.H. E-learning adoption in the banking workplace in Indonesia: An empirical study. Inf. Dev. 2013, 29,
138–153. [CrossRef]

59. Flynn, L.R.; Goldsmith, R.E. A validation of the goldsmith and hofacker innovativeness scale. Educ. Psychol. Meas. 1993, 53.
[CrossRef]

60. Alhassany, H.; Faisal, F. Factors influencing the internet banking adoption decision in North Cyprus: An evidence from the
partial least square approach of the structural equation modeling. Financ. Innov. 2018, 4. [CrossRef]

61. Mosbeh, R.; Soliman, K.S. An exploratory analysis of factors affecting users’ adoption of corporate intranet: A Tunisian study.
Manag. Res. News 2008, 31. [CrossRef]

62. Simarmata, M.T.A.; Hia, I.J. the Role of Personal Innovativeness on Behavioral Intention of Information Technology. J. Econ.
Andbus. 2020, 1, 18–29.

63. Rosen, P.A.; Wilson, R.L. The Effect of Personal Innovativeness on Technology Acceptance and Use. In Time; Oklahoma State
University: Stillwater, OK, USA, 2005; Volume 93.

64. Talukder, M. Factors affecting the adoption of technological innovation by individual employees: An Australian study. Procedia
Soc. Behav. Sci. 2012, 40, 52–57. [CrossRef]

65. Abdekhoda, M.; Ahmadi, M.; Gohari, M.; Noruzi, A. The effects of organizational contextual factors on physicians’ attitude
toward adoption of Electronic Medical Records. J. Biomed. Inform. 2015. [CrossRef] [PubMed]

66. Park, E.; Kwon, S.J.; Han, J. Antecedents of the adoption of building information modeling technology in Korea. Eng. Constr.
Archit. Manag. 2019, 26. [CrossRef]

67. Igbaria, M.; Guimaraes, T.; Davis, G.B. Testing the Determinants of Microcomputer Usage via a Structural Equation Model. J.
Manag. Inf. Syst. 1995, 11. [CrossRef]
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